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ABSTRACT
AN IMPLEMENTATION EVALUATION OF AN ACTUARIAL
RISK ASSESSMENT INSTRUMENT
by James Robert Johnson
May 2013
As a result of years of legislation aimed at getting tough on crime, the United
States now boasts some remarkable and unenviable statistics. Today, one in every 45
adults in the United States is under some form of community supervision (Pew Center,
2009). At a time when states are facing budget crises that have not been seen in decades,
state leaders have an opportunity to both cut costs and improve public safety by focusing
community supervision resources on higher-risk offenders through evidence-based
practices (Austin, 2007; Latessa, 2003; MacKenzie, 2000; Pew Center, 2009).
Risk assessment is the critical first step in this process as it is indeed the
foundation of effective community supervision (Austin, 2006; Bonta, 2007; Byrne, 2006;
Latessa & Lovins, 2010; VanBenschoten, 2008). Without a reliable and validated risk
assessment instrument, community corrections agencies will be unable to properly
supervise the ever increasing numbers of offenders effectively. This study is an
evaluation of a southern state’s correctional agency’s new actuarial risk assessment
implementation process and instrument.
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CHAPTER I
INTRODUCTION
Statement of the Problem
Correctional Policy and Fiscal Crisis
As a result of years of legislation aimed at getting tough on crime, the United
States now boasts some remarkable, and unenviable statistics. In 2008, the Pew Center
reported that one in every one-hundred adults in the United States was incarcerated in our
prisons and jails (Andrews & Bonta, 2010; Pew Center, 2009). However, the majority of
offenders under correctional control are not incarcerated, but living in our communities
under the control of some form of community corrections (Petersilia, 2011). While the
population of incarcerated individuals increased by 274 percent to 2.3 million during the
last 25 years, the expansion of the community corrections population has been even
greater. During this same period of time, the community corrections population has risen
by over 3.5 million. As a result, one in every 45 adults in the United States is under some
form of community supervision, (i.e., probation, parole, or pre-trial release) (Pew Center,
2009; Scott-Haywood, 2009).
Combining prison and jail populations with community corrections populations,
the United States has reached unprecedented levels of incarceration. One in thirty-one
U.S. citizens are under some form of correctional control (Pew Center, 2009). The
United States now incarcerates a larger percentage of its population than any other
country in the world (Austin, 2007; Schmitt, Warner, & Gupta, 2010), easily surpassing
nations such as China, Poland, and Russia in rates of incarceration (Austin, 2007; Schmitt
et al., 2010).
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This result is largely due to policies and legislative action that have increased the
length of stays in prison (through longer sentences and abolishment of parole and other
early release opportunities) and increases in revocation rates for technical violators under
community supervision (Austin, 2004; Austin & Fabelo, 2004; Petersilia, 2011). For
example, the U.S. Department of Justice reported that between 1990 and 1997 the
number of prison admissions increased by 17%. During the same period of time, the total
population increased by 60%. This can only be attributable to increases in length of stay
(Austin, 2007; Ditton & Wilson, 1999).
While crimes rates actually declined during the 1980’s and 1990’s, fear of crime
was on the rise (Johnson, 2011). Led by a national war on drugs and related “moral
panics” regarding drug use and the deterioration of our nation’s morality, deterrencebased polices took center stage (Chiricos, 2004; Johnson, 2011; Schmitt et al., 2010;
Tonry, 1994). One leader in the conservative, deterrence-based approach was James Q.
Wilson, who in 1975, published Thinking About Crime. In this work Wilson asserted that
“…wicked people exist. Nothing avails except to set them apart from innocent people”
(Wilson, 1975, p. 235). Wilson maintained that government could do little to change the
plight of individuals who suffered from discrimination, poverty and class inequality
(Austin, 2007). The only solution to combat crime was incarceration (Austin, 2007;
Wilson, 1975).
Ironically, Wilson later argued that the U.S. has reached a point of diminishing
returns on incarceration. While violent offenders have always received longer prison
sentences, the individual states have continued to expand the use of imprisonment to
include low-risk offenders with little or no criminal history (Austin & Fabelo, 2004;
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Wilson, 1995). As more of these low-risk offenders are incarcerated, the crime
prevention return is diminished and each new prison cell that is filled provides a smaller
public safety benefit (Austin & Fabello, 2004; Pew Center, 2009).
The U.S. now spends over $50 billion yearly to house and supervise the
approximately 7 million adults and juveniles in the correctional system. This is an
increase in approximately $40 billion since 1982 (Austin & Fabelo, 2004; Pew Center,
2009; Scott-Haywood, 2009). Only Medicaid exceeds corrections as the fastest growing
expenditure in the US. Considering one of every fifteen state general fund dollars is
being spent on corrections, legislators have few options of where to cut budgets.
Corrections is no longer the sacred cow it once was (Andrews & Bonta, 2010; Johnson,
2011; Pew Center, 2009; Scott-Haywood, 2009).
Unfortunately, crisis often drives policy (Johnson, 2011; Slate & Johnson, 2008).
The current fiscal crisis is also inextricably linked to the influence of the United States
Supreme Court. The Court, in cases such as Ruiz v. Estelle and Brown v. Plata have
found that state departments of corrections in Texas and California respectively were
violating offenders’ Eighth Amendment right against cruel and unusual punishment due
to overcrowding and harsh conditions in prisons and jails. The Court went so far as to
order the release of approximately 30,000 offenders from the California Department of
Corrections within two years as a result of Brown v. Plata. These and other similar
circumstances around the U.S. have driven corrections into what some consider a fourth
deinstitutionalization movement (Johnson, 2011; Slate & Johnson, 2008). With this
crisis, however, comes opportunity (Pew Center, 2009).
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This current fiscal crisis has provided the opportunity for investment in
community corrections (Petersilia, 2011). Armed with an increasing body of knowledge
regarding what works in corrections, policymakers have an opportunity before them to
improve public safety and correctional practices as well as saving millions of tax payer
dollars (Andrews & Bonta, 2010; Austin & Fabelo, 2004; Pew Center, 2009). At a time
when states are facing budget crises that have not been seen in decades, state leaders can
both cut costs and improve public safety by focusing community supervision resources
on higher-risk offenders through evidence-based practices (Austin, 2007; Latessa, 2003;
MacKenzie, 2000; Pew Center, 2009). Community corrections has always been
undervalued and underfunded. If community corrections can seize this opportunity, it
may finally assert itself as a viable, effective means of providing public safety while
promoting effective re-integration of offenders into the nation’s communities (Petersilia,
2011).
Evidence-Based Practices
Until relatively recently, correctional practices were guided largely by what we
thought would work, or what we hoped would work in reducing recidivism. We now
know that many of the programs that were developed with this outcome in mind, such as
boot camps and scared straight programs, did not fulfill their intended purpose of
reducing recidivism (Latessa, Cullen, & Gendreau, 2002). However, in the last several
years, there has been a renewed interest in identifying practices and strategies that would
both reduce recidivism rates of offenders and promote long term public safety. Most
importantly, these practices and strategies have been proven to be effective through
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sound empirical research (Andrews & Bonta, 1998; Andrews, Bonta, & Hoge, 1990;
Bogue, 2004; Latessa, 2003; MacKenzie, 2000).
Risk assessment is the first step in an evidence-based process and serves as the
foundation for effective community supervision (Austin, 2006; Bonta, 2007; Byrne,
2006; Latessa & Lovins, 2010; VanBenschoten, 2008). Every day, probation and parole
officers at the local, state, and national levels of government make decisions about the
risk any given offender poses to the general public (Byrne, 2006). The purpose of these
risk assessments instruments is to identify groups of offenders within a population that
have significantly different rates of recidivism. Although frequently described as a
means of predicting whether an offender will re-offend, actuarial risk assessment is more
accurately described as a means of classification (Andrews, et al., 1990; Baird, 2009).
Actuarial risk assessments utilize group statistics in order to classify offenders
into groups based on risk of re-offending, which in turn allows agencies to identify where
they should focus their scarce resources according to the principles of evidence-based
practices (Andrews, Bonta & Wormith, 2006; Austin, 2004; Baird, 2009). With ever
increasing caseloads and shrinking budgets, the ability to supervise offenders according
to their level of risk to the community is crucial to an effective supervision process
(Byrne, 2006; Lowenkamp & Latessa, 2004).
Purpose of the Study
Policy Evaluation
The importance of policy evaluation in criminal justice cannot be overstated. It is
the manner by which we determine if public policies, and the resulting practices,
ultimately do what they have been designed to do (Mears, 2010). As defined by Rossi,
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Lipsey, & Freeman (2004), policy evaluation is “the use of social research methods to
systematically investigate the effectiveness of social intervention programs in ways that
are adapted to their political and organizational environments and are designed to inform
social action to improve social conditions” (p. 16). In other words, it is a means to hold
criminal justice policy accountable and to increase its effectiveness (Mears, 2010).
Effective evaluation of public policy typically consists of five steps in what is
referred to as the evaluation hierarchy (Mears, 2010, Rossi et al., 2004). These five steps
include a needs evaluation, theory evaluation, implementation evaluation, outcome or
impact evaluation and cost-efficiency evaluations. As implied by the term hierarchy,
each step builds upon the previous step and it is recommended to proceed with the policy
only if each level of the hierarchy has been satisfied (Mears, 2010).
Needs Evaluation
Prior to developing and implementing a particular policy, there should be a clear
established need for the proposed policy (Mears, 2010). In order to provide appropriate
levels of supervision and services to offenders, as well as adhere to the principles of
effective correctional interventions (evidence-based practices), the critical first step in the
process is for an accurate, validated risk assessment. This is to be performed on the
individual offender upon intake which will allow the offender to be placed into an
appropriate level of supervision. While the study agency’s existing risk assessment was
validated on another states offender population, it has not been validated on their own
offender population.
As a result of this lack of external validity, as well as other issues such as relevant
risk factors, lack of formal training, and staff buy-in, the agency’s existing assessment
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instrument has failed to perform as necessary.

These circumstances resulted in a risk

assessment instrument that underscored the offender population as a whole. If field staff
were to supervise offenders according to standards set forth in the agency’s policy, staff
would be under supervising a sizeable percentage of offenders assigned to them which
would have significant implications for both public safety and case management and
treatment considerations.
Theory Evaluation
In evaluation research, theory evaluations explain how specific policy related
activities or services contribute to an improved outcome (Mears, 2010). The role of risk
assessment within an evidence-based framework provides this theory. Risk assessment
is indeed the “cornerstone of effective supervision” (VanBenschoten, 2008, p. 38) and is
the first step in implementing and adhering to evidence-base policies and practices which
serve to promote the outcome of reduced rates of recidivism. Within this evidence-based
framework, the goal is to match the level of supervision of the offender with the
offender’s risk of re-offending. This is a vital component of the theory of Risks, Needs,
and Responsivity as posited by Andrews, Bonta, & Hoge (1990) and Andrews and Bonta,
(1998).
Risk assessment is used to identify and classify offenders in the aggregate so that
community corrections agencies can identify which offenders need more intensive
supervision and services and which offenders would benefit from lower levels of
supervision. Research by Lowenkamp and Latessa, (2004) has supported the efficacy of
this by finding that high risk offenders perform better under intensive supervision, while
low risk offenders perform better under minimal supervision requirements. Further, it

8
appears as though low risk offenders may actually be harmed, subjected to unnecessary
supervision requirements and higher rates of recidivism when placed in intensive
supervision programs (Lowenkamp & Latessa, 2004). Evidence-based practices may be
seen as risk-based endeavors that are grounded in the need for reliable and valid actuarial
risk assessment instruments.
Implementation Evaluation
After the need for a policy is identified and the theory supporting the policy has
been developed, an implementation evaluation follows. The goal of an implementation
evaluation is to determine whether a policy and its implementation delivered the
appropriate program or services in a quality manner (Mears, 2010). The current study is
guided by the following questions:
1. Was the risk assessment instrument implemented as intended?
2. Did the agency follow nationally accepted standards and practices in the
implementation process?
3. Are there other performance criteria that indicate improvement in the agencies
risk assessment and practices?
Finally, Mears (2010) identifies three important conceptual steps that must be
present in any implementation evaluation. The first is a clear articulation of the policy’s
theory and design. The second step is to clarify why an implementation is being
conducted. And third, to determine which dimension (delivery of services or operations)
will be the focus of the implementation evaluation and what measures of performance
will be assessed.
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Organization of the Current Study
Chapter I provides an overview of the issues resulting from three decades of
prison population growth, the impact of the current fiscal crisis on corrections, and the
emerging focus on community supervision within correctional practice. Particular
attention is given to the evolving role of risk assessment within evidence-based practices
and an overview of the role that policy evaluation has served in corrections.
Chapter II provides a broad overview of the empirical literature within criminal
justice theory regarding the use of actuarial risk assessment instruments and evidencebased practices in community corrections. The history and use of actuarial risk
assessments within community corrections is also examined in light of implications for
supervision strategies, specifically the principle of risk, needs, and responsivity, case
management, and risk based supervision. Finally, the literature on the adoption and
implementation of these risk assessment instruments will be examined.
Chapter III includes a discussion of the methods used and research questions to be
answered. The primary focus of this research is to determine whether the study agency
successfully implemented a new risk assessment instrument within its field services
division. This will be addressed by evaluating the process in which the instrument was
selected, validated, and implemented, with particular focus on a statistical comparison of
the former risk assessment instrument utilized by the agency and the new, recently
adopted instrument. The research questions addressed in this study are as follows:
Research Question #1: Did the agency’s implementation of its new risk
assessment instrument follow nationally accepted standards and practices
identified in the literature?
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Research Question #2: Did the previous risk assessment instrument perform
adequately as evidenced by commonly used statistical tests of reliability and
validity?
Research Question #3: Does the newly adopted risk assessment instrument
exhibit indicators of improved performance through measures of central
tendencies, distribution of scores, inter-rater reliability, and audit results?
Chapter IV includes the results of the analysis. Chapter V provides a discussion of
the results and implications for continuing policy evaluations focusing on the use of
actuarial risk assessment instruments as the foundation for supervision strategies and
practices.
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CHAPTER II
REVIEW OF THE LITERATURE
Criminal Justice Theory and the New Penology
Criminal justice policy generally, and correctional policy more specifically, has
undergone major shifts in thought and focus over past decades. Beginning in the 1970’s
and continuing through the 1980’s and 1990’s, correctional policy was grounded in
conservative ideology that resulted in getting tough on crime, through mass incarceration,
and the abandonment of the rehabilitative ideal (Hagan, 2011). Feeley and Simon (1992)
argue that these paradigm shifts in penal ideology usually have multiple causes and
origins rather than one simple idea such as getting tough on crime.
With its beginnings in the 1970’s, the decline of the rehabilitative ideal was
triggered by several factors, including theoretical objections (Bottoms, 1980), research
findings (Martinson, 1974) and fiscal considerations (Bottoms, 1995), to increasing crime
rates and fear of victimization (Bottomley & Pease, 1986). This confluence of events
created what many scholars define as the new penology (Cheliotis, 2006; Feeley &
Simon, 1992). While modern American law is focused on the individual, the new
penology is less concerned with the ideals of responsibility, moral sensibility, or
intervention and treatment of offenders. Rather, the new penology is concerned with
techniques that will allow the criminal justice system to identify, classify and manage
groups of people (Feeley & Simon, 1992; Reichman, 1986).
Transformations of thought in three distinct areas outlined this new penology.
First, the emergence of new discourse, particularly the language of statistical probability
and associated risk, replaced the language of clinical approaches to diagnosis and
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retributive judgment (Feeley & Simon, 1992).
Secondly, new objectives for the criminal justice system were created. According
to Feeley and Simon (1992), the new penology is not about punishing or rehabilitating
the individual, but rather it is about identifying and managing “unruly” groups (p. 455).
As a result, certain subpopulations such as “high-rate offenders,” “career criminals,” “the
underclass,” or the “truly disadvantaged” are to be singled out for surveillance,
management, and incapacitation (Hagan, 1995, pp. 29-42). The new penology assumes
that high levels of criminal behavior will continue to occur (Shichor, 1997). Therefore,
the managerial process is what is important with the goal of the system being to make
levels of crime tolerable through the coordination of the criminal justice system (Feeley
& Simon, 1992). Additionally, the importance of reducing recidivism has changed
within the new penology. Under the old penology, recidivism was seen as the best
measure of performance for any correctional system. With the new penology the
significance of these recidivism rates has changed (Feeley & Simon, 1992). For example,
under the old penology, high rates of recidivism could be seen as a system failure.
However, under the new penology, high rates of parolees being returned to incarceration
may be seen as evidence of efficient, effective supervision (Feeley & Simon, 1992).
Third, the development of new techniques such as targeting offenders as an
aggregate, rather than an individual were implemented (Feeley & Simon, 1992; Gordon,
1991; Shichor, 1997). Examples of these new techniques include custodial centers that
do not provide services to offenders, electronic monitoring systems, and new statistical
techniques for the assessment of risk. Further, the purpose of these techniques is not to
rehabilitate or reintegrate the offender, these new techniques provide nothing more than

13
various detention options based on the offenders level of risk of re-offending (Feeley &
Simon, 1992).
Three-strikes measures utilized in several states are yet another example of these
ideas within the new penology. With language used such as “high-risk offenders” and
“strikeable offenses,” the purpose is the efficient control and incapacitation of certain
offenders (Shichor, 1997, p. 472). Ritzer (1993) used the analogy of fast-food restaurants
to describe the social and cultural philosophy of the United States. In his book, Ritzer
coined the term the McDonaldization of punishment to describe the phenomena by which
the business philosophies of the fast-food industry are becoming more prevalent
throughout American culture (Ritzer, 1993).
In this model of formal rationality (Weber, 1968), there are four dimensions
within the fast-food industry that parallel closely with the ideals of the new penology.
They are efficiency, calculability, predictability, and control (Shichor, 1997).
Unfortunately, as with many ill-conceived policies, irrational consequences follow. In
the case of McDonaldization, irrationalities such as inefficiency, incalculability,
unpredictability, and lack of control have been the result, which negatively affect
correctional policies and practices (Shichor, 1997).
Inefficiency
Three-strikes laws, like capital punishment cases, actually serve to clog up the
courts and contribute to overcrowding of correctional facilities. Furthering the analogy
with fast-food restaurants, Ritzer (1993) cited long lines at fast-food establishments
which actually cause long waits and delays, rather than speediness and efficiency. All
told, the three-strikes laws will increase the cost of the criminal justice system due to
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factors such as more people incarcerated, increased numbers of trials, increased health
care costs due to aging offenders and even increased costs of welfare agencies caring for
families of incarcerated felons (Ritzer, 1993; Shichor, 1997).
Incalculability
The outcomes of three-strikes cases are not as calculable as originally believed. It
has been noted that these cases are subject to being circumvented in a variety of ways due
the inflexible nature of the statutes. Many judges and prosecutors utilize whatever means
they may have to avoid imposing sentences that they believe to be inappropriate given the
circumstances (Blumstein, Cohen, Martin, & Tonry, 1983; Shichor, 1997). Reducing
charges to less serious offenses, proceeding on parole violations only, and releasing
minor offenders to focus on more serious offenders are all means by which prosecutors
and judges have circumvented three-strikes statutes (Shichor, 1997).
Unpredictability
It has been found that victims have refused to testify with the knowledge that the
convictions would carry sentences of long-term incarceration under the three-strikes laws
(“California Judge Refuses,” 1994) . In other documented cases, juries have failed to
convict for the same reason. Forst (1983) found that mandatory sentencing laws served
to increase the likelihood of dismissals, acquittals, and other outcomes that rendered the
laws ineffective. Longer sentences for those that were convicted are offset by increases
in the number of persons not convicted and sentenced, thus, increasing disparity under
mandatory sentencing (Forst, 1983; Shichor, 1997).
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Lack of control
Mandatory sentencing reduces the courts authority to consider individual
circumstances of offenses and offenders. As Tonry (1996) noted,
The quality of justice is impoverished when sentencing laws or guidelines, in the
interest of treating like cases alike, make it difficult or impossible for judges to
treat different cases differently. The quality of justice and public respect for legal
institutions likewise are diminished when judges, forced to choose between their
oaths to do justice and to enforce the law, participate in disingenuous
circumvention of mandatory minimum sentencing laws and rigid guidelines in
order to do justice. (p. 165-166)
Criticism of the New Penology
This new penology may best be described as a theoretical movement rather than
the implementation of specific managerial changes within corrections. Since its
beginnings however, this new penology has received criticism in a number of areas
(Cheliotis, 2006). While Feeley and Simon (1992) assert that this new penology is
fundamentally different from past theories of punishment, many question the accuracy of
this statement. Rigakos and Hadden (2001) argue that actuarial measurement has been
used within criminal justice as far back as the 1600’s, demonstrating that the English
bourgeoisie utilized aggregate risk management to monitor potential threats to their
power (Cheliotis, 2007). As a result, Rigakos and Hadden (2001) assert that actuarial
justice has simply been revived from its historical roots and promulgated as new theory.
Silver and Miller (2002) also place the use of risk assessment instruments
squarely within the framework of the new penology and articulate concerns regarding
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their use as a tool for social control, while connecting the new penology to the work of
Foucault. In his landmark work, Discipline and Punish, Foucault (1979) explained the
change in penal philosophy during the 18th and 19th centuries. During this time, he
argued, the purpose of imprisonment was transformed from punishment of the body to a
change in the soul (Foucault, 1979).
Foucault (1979) contended that Jeremy Bentham’s panopticon design of a
correctional facility was an example of this change put into practice. In the panopticon
design, inmates were visible to a central inspection tower at all times. It was through this
design, and the detailed knowledge of the offender, that intervention and correction
would function to reform the offender (Foucault, 1979; Silver & Miller, 2002). In the
new penology, actuarial risk assessment “extends the gaze of surveillance” beyond the
direct observations that are vital to the panopticon design of Bentham (Silver & Miller,
2002, p. 147).
Psychologists, social workers, and criminologists who sought to offer detailed
knowledge of the offender to reform them, have been replaced by risk assessors who
offer knowledge, not of the individual, but of population aggregates in an effort to predict
the likelihood of future behaviors (Silver, 2000; Silver & Miller, 2002). With the
influence of Foucault, the change in correctional policy shifted from punishment of the
body to the soul. With risk assessment in the new penology, the change is from efforts to
reform the soul, to efforts to manage and control groups of individuals who have been
identified and classified by their likelihood of committing future criminal acts (Silver &
Miller, 2002).
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Another area of concern is the impact that risk assessment may have on
disadvantaged populations (Feeley & Simon, 1992; Silver, 2000; Silver & Miller, 2002;
Zinger, 2004). Risk assessment is widely used in the areas of criminal justice and mental
health. As a result, these instruments are being developed, tested and utilized on
criminals and the mentally ill. This is important because these groups have little ability
or political power to resist their participation in this process (Silver, 2000; Silver &
Miller, 2002). This has the potential to further marginalize certain populations within our
society such as those living in poverty, the illiterate and uneducated, the mentally ill and
particularly racial minorities (Silver & Miller, 2002). An added concern is that many
actuarial risk assessments were developed using samples of white, male offenders. This
too, could inadvertently bring forth negative consequences for the aforementioned
disadvantaged populations (Zinger, 2004).
Actuarial risk assessment has also brought about important changes in the way
the individual is viewed as well (Castel, 1991; Silver & Miler, 2002). Risk assessment
transforms the management and treatment of individuals to the aggregate. In other
words, assessments of combinations of risk factors can be used to transform the
supervision and treatment strategies from the individual level to the aggregate level based
on shared characteristics (Silver & Miller, 2002). Therefore, it is not necessary to show
actual tendencies towards specific behaviors, but rather membership in a particular
population aggregate. It is the membership in this population aggregate that enables the
criminal justice system to identify and label the individual as having a propensity to
commit further criminal acts. As a result, offender treatment is not individualized and
offenders may suffer consequences from assessments based on group functioning (Netter,
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2007; Silver & Miller, 2002).
Silver (2000) questions whether it is proper or ethical to offer predictions of an
individual’s future behavior based on his or her group membership. This leads to a range
of considerations when seeking to find an answer as an individual’s very freedom and
liberties can rest on the answer. This becomes more complicated when one considers the
predictive accuracy of a particular instrument and its associated classification error rate,
i.e. false positive and false negatives. Recent studies (Lowenkamp & Latessa, 2004)
indicate that a negative risk assessment can have dramatic negative effects on offenders.
Higher levels of community supervision, longer periods of incarceration, and denial of
early release are some of the possibilities of a negative, or high-risk outcome from an
actuarial risk assessment instrument (Zinger, 2004). With such significant human rights
issues at hand, there is an obligation among policymakers and practitioners to ensure that
risk assessment instruments provide accurate assessments of risk and are applied in an
ethical manner (Zinger, 2004).
Few areas of concern have stirred as much spirited debate as the issue of using
actuarial risk assessment instruments within the context of criminal sentencing. One’s
position regarding the efficacy of these instruments in the sentencing process will likely
be influenced by one’s view of the very purpose of punishment (Kleiman, Ostrom, &
Cheesman, 2007; Silver & Chow-Martin, 2002; Tonry, 1987). From a retributionist
perspective, the offender’s behavior after sentencing is irrelevant. They argue the
purpose of the sentence is to punish the offender in proportion to the harm caused by the
offender. The utilitarian perspective of sentencing seeks to prevent re-offending either
through incapacitation, deterrence, or rehabilitation (Kleiman et al., 2007). From this
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point of view, the likelihood of re-offending is salient because it influences the type of
punishment necessary to protect the public (Kleiman et al., 2007).
Many jurisdictions utilize actuarial risk assessment for a myriad of purposes.
Among these purposes are determining level and intensity of supervision within a
community corrections context, whether or not to grant early release from the
penitentiary, or placement in a residential facility or other intermediate sanction program.
The Commonwealth of Virginia has taken the use of actuarial risk assessment one step
further which has raised concerns about the ethics and utility of this policy. The goal of
the Virginia policy is to divert 25% of non-violent prison-bound offenders into alternative
sanctions such as probation (Kleiman et al., 2007). An actuarial risk assessment
instrument was developed for the purpose of identifying offenders who would otherwise
be subject to a term of incarceration. Offenders with the lowest probability of being
convicted of a new crime would be recommended for some type of alternative sanction
(Kleiman et al., 2007). Supporters of the Virginia policy argue that due to the current
fiscal crisis in corrections, this is a necessary tool to safely reduce the prison population
of the state (Schmitt et al., 2010). Detractors see it very differently.
As Netter (2007) states, the Virginia policy presents serious ethical issues
regarding the use of actuarial risk assessment instruments within the criminal sentencing
context. First, Netter argues that the Virginia policy puts in danger the notion of
innocent until proven guilty because conclusions must be drawn about future behavior.
In other words, offenders are essentially being punished now, for future criminal behavior
(Netter, 2007). Many would not see the issue this way, as the Virginia policy is seeking
to reduce the current criminal penalty with the offender having no real expectation of any
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sentence other than incarceration in the first place.
A second concern of Netter’s is the problem of classification error. In this
context, a false positive is an offender who is predicted to re-offend and recommended to
incarceration, but would have actually remained crime free. A false negative, in this
context, is an offender who is predicted not to re-offend, but does. This type of error has
public safety implications because otherwise, this offender would have been incarcerated
(Netter, 2007). Other areas of concern to Netter is the idea of punishing individual
offenders for group characteristics, the stigma of incarceration being selectively applied,
and methodological concerns raised by the omission of potential risk factors such as race
and income (Netter, 2007).
State budgets in the United States are often overburdened due to high rates of
incarceration (Bonta, 2007). The use of actuarial risk assessment instruments is often at
the heart of this debate. What must occur is meaningful dialogue between risk theorists,
legal scholars, policymakers and practitioners regarding the legal, ethical and policy
implications arising from the use of these instruments (Hannah-Moffat, 2010).
Evidence-Based Practices in Community Corrections
Until recently, the field of corrections has been largely void of empirical research
that identified proven methods of reducing offender recidivism, otherwise known as
evidence-based practices (Bogue, 2004). The term “evidence-based” originated in the
medical field and is widely used in nearly all human service fields. In the social sciences,
this term has come to suggest that policy must be formed by sound empirical evidence
documenting some causal connection between the policy and the intended outcome
(Austin, 2006). In a correctional context, evidence-based practices refers to supervision
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strategies, programs, and services that have been proven to reduce offender recidivism
through behavioral change, promoting long-term public safety (Austin, 2006; Bogue,
2004).
Current research suggests that certain programs and interventions, applied to the
appropriate offender populations, do in fact produce reductions in recidivism (Bogue,
2004). This same research, however, indicates that most correctional agencies continue
to ignore these findings (Bogue, 2004). We now know that many of the programs that
were developed in order to reduce recidivism, such as boot camps and scared straight
programs, did not fulfill their intended purpose (Latessa et al., 2002; MacKenzie, 2000).
As a result of this research, eight principles of effective correctional intervention
have been identified that, when integrated into practice, reduce recidivism through
behavioral change of the offender (Andrews & Bonta, 1998; Andrews et al., 1990;
Bogue, 2004; Latessa, 2003; MacKenzie, 2000). The eight principles as cited and
described by the National Institute of Corrections are as follows:
(1) Assess actuarial risk and needs of the offender: Assessing offenders with a
reliable and valid risk assessment instrument is essential for the effective
supervision and treatment of offenders (Andrews, et al., 1990; Andrews & Bonta,
1998).
(2) Enhance intrinsic motivation of the offender: Behavioral change comes from
within an individual. For lasting change to occur, a certain level of intrinsic
motivation is required. The use of Motivational Interviewing techniques is the
primary method of achieving this principle (Miller & Rollnick, 2002).
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(3) Target interventions (principle of risk, need and responsivity): Prioritize
treatment for higher risk offenders by addressing criminogenic needs, while
matching treatment services to the characteristics and needs of the individual
offender (Andrews & Bonta, 1998; Andrews et al., 1990)
(4) Skill train with directed practice (cognitive-behavioral programming):
Programs such as Thinking For a Change have been shown to be effective at
reducing recidivism. Agencies should prioritize the implementation of these
programs as part of their strategy to promote long-term public safety
(Lowenkamp, Hubbard, Makarios, & Latessa, 2009).
(5) Increase positive reinforcement of the offender: Human nature dictates that
we respond best to positive reinforcement. Experts suggest a much higher ratio of
positive reinforcements to negative reinforcements to promote long-term
behavioral change (Bandura, 1996; Gendreau, Little, & Goggin, 1996)
(6) Engage and promote ongoing support of the offender within their community:
Research indicates that successful interventions with offenders utilize family
members, spouses, clergy, and others from the community in which the offender
lives (Bonta et al., 2002).
(7) Measure relevant process and practices: Accurate, detailed case information
as well as a formal, valid means of measuring outcomes is the foundation of
evidence-based practices (Dilulio, 1993).
(8) Provide measurement feedback: Once a method for measuring relevant
processes and practices is in place, the information must then be used to monitor
progress and change, both of the offender as well as the agencies delivery of
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services (Miller, Sovereign, & Krege, 1988).
Risk assessment is the critical first step in this process. It is indeed the
cornerstone for effective community supervision and serves as the foundation for
everything that follows within an evidence-based framework (VanBenschoten, 2008).
Based on this assessment of risk, offenders are placed into a specific level of supervision
that dictates the supervision standards and amount of officer to offender contact through
office visits, home visits and collateral contacts (Byrne, 2006). Latessa and Lovins
(2010) argue that the importance of utilizing valid and reliable risk assessment
instruments cannot be emphasized enough because it is the “engine that drives effective
intervention” (p. 204). Risk assessments are important because they;
Help identify the offenders most likely to recidivate;
Identify which offenders are in need of intervention, if at all;
Help guide decision making in a systematic manner;
Reduce bias by using objective criteria rather than personal judgment;
Improve placement of offenders in programming and type of supervision;
Improve resource management; and
Enhance public safety. (Latessa & Lovins, 2010)
With ever increasing caseloads and shrinking budgets, the ability to supervise
offenders according to their level of risk to the community, focusing on higher risk
offenders is a critical first step in the supervision process (Byrne, 2006).
History and Development of Actuarial Risk Assessment
The ability to accurately classify offenders based on their risk of recidivism has
been a major concern of corrections ever since Burgess (1928) developed the first
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actuarial risk assessment. This first risk assessment instrument was developed in an
effort to determine which offenders would be a good risk for parole (Bonta, 2007). It was
not until the 1970’s that actuarial risk assessment instruments began producing levels of
predictive accuracy that surpassed the clinical judgments of psychiatrist, psychologists
and social workers (Bonta, 2007). The improved predictive accuracy of actuarial risk
assessment instruments over that of clinical judgment has been replicated in research
throughout the literature (Ansbro, 2010). This research is usually broken into two
categories. The first compares the predictive accuracy of unstructured clinical judgment
versus actuarial risk assessment. And the second compares the predictive accuracy of
structured clinical judgment versus actuarial risk assessment (Harris, 2006).
Unstructured clinical judgment involves educated intuition, wherein information
is gathered from a variety of sources such as interviews, client history, psychometric
instruments and collaboration with other professionals (Harris, 2006; Latessa & Lovins,
2010). One of the most complete studies on this issue was conducted by Grove and
Meehl (1996). They found that predictions based on clinical judgment were rarely more
accurate than those based on assessment using actuarial instruments. Of the 136 studies
they examined, only 8 favored clinical judgments, 64 favored actuarial instruments and
64 were found to have no significant differences (Harris, 2006).
Structured clinical judgment involves the use of formal instruments that were
developed for other purposes. As a result, individual items in these instruments may not
correlate with recidivism. The Hare Psychopathy Checklist-Revised, a clinical
measurement of psychopathy, is one example of such an instrument (Hare, 1990). An
important distinction is that actuarial instruments include only those items which have
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been statistically shown to be predictive of the outcome variable, in this case recidivism
(Harris, 2006). As with unstructured clinical judgments, this structured clinical approach
may sometimes yield results of equal or greater predictive accuracy than actuarial
instruments. However, most studies show that actuarial instruments outperform even
these structured clinical methods consistently (Byrne & Pattavina, 2006; Harris, 2006).
According to Gottfredson (1987), several factors account for these findings. Because
humans are quite limited in their ability to reliably combine information from multiple
sources, and due to cognitive errors and biases, inappropriate and inaccurate perceptions
of risk occur (Gottfredson, 1987).
Although structured clinical methods have some empirical support, there are two
primary considerations that generally make the use of actuarial instruments more
efficacious when predicting recidivism. As previously noted, structured clinical
instruments were generally not developed for use as a predictor of offender recidivism
and many of these instruments, such as the aforementioned Hare Psychopathy ChecklistRevised, may take up to three hours to complete (Hare, 1990; Harris, 2006).
Another significant issue is that of staffing concerns. Most correctional line staff
such as probation and parole officers and institutional classification staff, do not have the
necessary educational background and training to conduct clinical assessments,
particularly those assessments involving special needs offenders such as sex offenders,
dual diagnosis offenders or substance abusers (Byrne & Pattavina, 2006). The adoption
of a clinical assessment instrument could require an agency to begin recruiting only
individuals who are capable of conducting these assessments, or possibly privatizing the
assessment process altogether (Byrne & Pattavina, 2006). Regardless of the performance
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of some clinical risk assessment instruments there is no legitimate reason that an agency
should favor these instruments over actuarial methods that have been designed
specifically for the purpose of predicting the likelihood of recidivism of offenders
(Harris, 2006).
Generational Development of Actuarial Risk Assessment
The first generation of risk assessment instruments consisted of unstructured,
clinical judgments to determine if an offender was likely to re-offend. This method of
assessing risk was largely discredited due to being subjective and un-scientific, resulting
in very poor predictive accuracy (Hannah-Moffat, 2010). There is substantial research
that consistently supports the superiority of the predictive accuracy of actuarial
instruments versus those based on clinical judgment (Andrews et al., 2006; HannahMoffat, 2010). Recent meta-analyses have found that the predictive validity of this
method of risk assessment, averaged across six mean estimates produced an overall mean
Pearson’s r of .12. This finding demonstrates weak correlations between risk assessment
score and recidivism and are consistent with results found in the literature (Andrews et
al., 2006). These findings can be interpreted to mean that risk assessment by means of
clinical judgment has very poor predictive validity.
Second generation risk assessment instruments were empirically based
instruments relying on statistical prediction (Andrews et al., 2006; Hannah-Moffat,
2010). These instruments assigned a numerical score to an offender by assessing risk
factors that have been shown to be predictive of recidivism such as age at first conviction,
prior convictions, and prior revocations (Silver & Miller, 2002). The scores of all items
on the instrument are summed, and the higher the score, the greater the likelihood of re-

27
offending (Hannah-Moffat, 2010).
These second generation instruments have performed considerably better than
first generation clinical judgment. The overall mean predictive validity found in three
Bonta and Hanson reviews resulted in a Pearson’s r of .42 for general recidivism,
significantly higher than first generation assessments demonstrating moderate
correlations between risk assessment score and recidivism (Andrews et al., 2006). This
finding indicates that actuarial risk assessment instruments offer significant
improvements in predictive accuracy over unstructured clinical judgments.
While these second generation instruments have been shown to be more accurate
than clinical judgment, many criminal justice professionals and researchers criticized
them because of their strict reliance on static, or unchangeable factors (Hannah-Moffat,
2010). As a result, the offenders risk level can never be reduced because the factors used
to predict it cannot change. Additionally, there is little guidance offered regarding
treatment and interventions needed by the offender (Hannah-Moffat, 2010).
As a result of these concerns, third generation risk assessment instruments were
developed. This generation of risk assessment instruments was also empirically based,
but also included dynamic (or changeable) criminogenic risk factors (Andrews et al.,
2006). It was believed that in order to improve the predictive accuracy of actuarial risk
assessment, these dynamic risk factors must be included. An example of the predictive
validity for a third generation instrument can be found in the Level of Service InventoryRevised, one of the most widely used risk assessment instruments in the world. The
mean predictive validity found in the LSI-R by Andrews et al. (2006) resulted in a
Pearson’s r of .36 for general recidivism. This finding also demonstrates a moderate
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correlation between risk assessment score and recidivism. It is much stronger than first
generation clinical judgments and similar to that of second generation risk assessment
instruments.
While static factors such as criminal history and age at first conviction remain
important, these dynamic factors that have been added allow for an individual’s risk level
to change over time. This change may be positive, thereby reducing an offender’s level
of risk, or negative, thereby increasing an offender’s level of risk (Hannah-Moffat, 2010).
For example, one may attain a higher level of education, find steady employment, or
abstain from associating with criminal associates and peers. These changes would reduce
the risk of an offender and should be accounted for. Likewise, if an offender has dropped
out of school, is fired from his/her job, and has begun to associate with criminal
associates and peers as a result of not having anything else to do, this would increase the
level of risk. These criminogenic factors are not measured by a second generation
instrument (Hannah-Moffat, 2010).
The primary changes in the fourth generation risk assessment instruments is that
they guide and follow service and supervision from initial intake through case closure
(Andrews et al., 2006). Not only do these fourth generation instruments assign levels of
supervision based on risk of re-offending, these instruments also develop case
management plans based on the principle of risk, needs and responsivity (HannahMoffat, 2010). According to Andrews et al. (2006), these fourth generation instruments
are designed to strengthen the adherence to the principles of effective treatment and to
increase public safety by reducing recidivism through behavioral change of the offender.
Although research on the predictive validity of these fourth generation instruments is
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limited, Andrews et al. (2006) found that the mean predictive validity for the Level of
Service/Case Management Inventory resulted in a Pearson’s r of .41, demonstrating
moderate correlations between risk assessment score and recidivism.
Even with the advances in statistical techniques and research supporting the
efficacy of various instruments there is still considerable discourse between advocates of
competing processes (Latessa & Lovins, 2010). Baird (2009) argues that the use of
dynamic, or criminogenic needs should not be used in measuring risk. Rather, risk
should be measured using static factors only. Needs assessment, he argues is a separate
entity in itself and should be conducted using need specific assessments (Latessa &
Lovins, 2010). Andrews, however, disagrees with this point of view. Andrews argues
that not only are fourth generation risk assessment instruments useful in case
management planning, these instruments have the same levels of predictive accuracy as
do second and third generation assessments (Latessa & Lovins, 2010).
Risk, Needs, and Responsivity
According to Taxman (2006), the first rule of evidence-based practice is that the
focus should be on placing high-risk offenders into appropriate treatment programs, and
that low to moderate-risk offenders should not receive the same level of supervision and
services as those that are high risk. Unfortunately, the importance of risk assessment for
the purpose of providing supervision and services aimed at reducing recidivism is not
always appreciated (Andrews & Dowden, 2006). Indeed, this concept is the foundation
of what works in corrections and the importance of which cannot be overstated (Taxman
& Thanner, 2006). The concepts of risk, needs and responsivity are linked together as
three critical principles in the assessment process (Latessa & Lovins, 2010) and together
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this process is considered the preeminent treatment model for offenders (Ward, Melser, &
Yates, 2007).
Risk Principle
The risk principle refers to who should be treated (Andrews & Bonta, 2010). The
risk principle posits that recidivism can be reduced if the level of treatment is
commensurate with the level of risk of the offender (Latessa & Lovins, 2010;
Lowenkamp, Pealer, Smith, & Latessa, 2006). Therefore, there are two primary
components to the risk principle. First, there must be an assessment of the risk of reoffending conducted with a reliable and valid actuarial risk assessment instrument. This
principle assumes that the assignment of offenders to treatment and higher levels of
supervision is based on a validated risk assessment instrument (Andrews & Bonta, 2010).
Second, the level of treatment must be in proportion to the level of risk of re-offending.
Thus, higher risk offenders should receive higher dosages of treatment. Low-risk
offenders, however, fare much better from less intensive levels of supervision and
services (Ogloff & Davis, 2004). In fact, when intensive supervision and services are
applied to low risk-offenders, the likelihood of re-offending may actually increase
(Lovins, Lowenkamp, & Latessa, 2009). Lowenkamp and Latessa (2004) speculate that
this may occur because exposing low-risk offenders to higher-risk offenders may
promote negative social learning, and reinforce antisocial attitudes, values and beliefs.
Additionally, placing low-risk offenders in intensive supervision programs may disrupt
pro-social environments and opportunities (Lovins et al., 2009).
Needs Principle
The needs principle refers to what is to be treated (Andrews & Bonta, 2010). If
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treatment services are to reduce recidivism, then those factors causing recidivism, known
as criminogenic needs, should be the focus of this treatment (Andrews, 1989; Andrews &
Bonta, 2010). Criminogenic needs are dynamic risk factors that lead to crime (Andrews
& Bonta, 2010). Correctional programs should target criminogenic needs such as
antisocial attitudes, antisocial peer associations, substance abuse, lack of pro-social
problem solving skills and other factors that are correlated with recidivism (Latessa &
Lovins, 2010). While offenders may have many treatment needs, not all are correlated
with criminal conduct. Therefore, while these non-criminogenic needs may be addressed,
this cannot be expected to reduce the likelihood of re-offending (Ogloff & Davis, 2004).
Latessa and Lovins (2010) provide an example illuminating the difference
between criminogenic and non-criminogenic needs. While unemployment is correlated
with criminal conduct, by itself it is not significant. When most people lose a job, they
simply begin to look for another rather than resorting to crime. However, if you think
you can make more money in a day selling drugs, or have no problem letting someone
else support you, then being unemployed does increase your risk of re-offending. It is
not simply the fact of not having a job (un-employment), rather it is the underlying
antisocial attitudes, values and beliefs that must be addressed (Latessa & Lovins, 2010).
Responsivity Principle
The third principle refers to the how of effective correctional intervention
(Andrews & Bonta, 2010). There are two types of responsivity identified in the
literature, general and specific. General responsivity refers to the use of treatment
programs that utilize such behavioral techniques as role playing, problem-solving and
graduated reinforcement techniques. These techniques are designed to accommodate
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varying learning styles and abilities and include cognitive-behavioral programs such as
Thinking For a Change. The other type of responsivity, specific, refers to the notion that
individual characteristics make them more or less likely to benefit from treatment
services (Hubbard, 2007). These factors could include learning style, reading skills,
intellectual functioning and verbal skills (Ogloff & Davis, 2004).
Empirical support for the principles of risk, needs, and responsivity was found in
a meta-analysis conducted by Andrews et al. (1990). In this meta-analysis, a review of
80 studies which yielded 154 effect size estimates, a significant relationship was found
between level of adherence to the RNR principles and a reduction in recidivism
(Andrews & Bonta, 2010). Adherence to all three principles produced a mean effect size
(phi coefficient) of .30. Treatment programs that did not adhere to any of the three
principles were found to have increases in recidivism, producing a mean effect size of .06 (Andrews & Bonta, 2010).
Use and Prevalence of Risk Assessment in the United States
The National Institute of Corrections Community Corrections Division conducted
a survey during the summer of 2003 for the purpose of assessing where the U.S. stood
regarding the use and application of risk assessment practices. The results are based on
surveys completed by 73 correctional agencies, representing 44 states, 24 local or district
agencies and a variety of functions within community corrections (Clem, 2003). The
following is a summary of findings from the National Institute of Corrections (2003).
When Agencies Conduct Assessments
The survey sought to collect information about when assessments were conducted
within an agency. Four options were provided to agencies: at pre-sentence investigation,
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at consideration for discretionary release (parole, electronic monitoring, etc.), at onset of
community supervision, and during the period of community supervision (re-assessment).
It was found that half of all agencies providing probation supervision conduct
assessments as part of the pre-sentence investigation.
Half of all agencies that responded that have discretionary release authority
conduct assessments as part of the decision making process.
Risk assessments are most likely to be conducted at the initial intake, or onset
of community supervision. Over 90% of agencies that provide both probation
and parole supervision conduct assessments at this point. In agencies that
provide only probation supervision, the figure is only slightly lower (89%).
However, the figure drops to 60% in agencies that provide parole only
supervision. Overall, nearly 90% of state agencies and 78% of local agencies
utilize risk assessment at this point in the supervision process.
While less than the number of agencies conducting assessments at intake,
many agencies conduct assessments or re-assessments during the period of
supervision as well. Eighty-one percent of agencies that provide both
probation and parole supervision re-assess during the period of supervision.
In addition to conducting assessments at initial intake and re-assessing during
the period of supervision, the survey found that there were other points in the
supervision process in which assessments were conducted, such as referral to
treatment, placement in a specialized supervision program, or when a
significant event occurs during supervision (i.e., arrest or other violation).
(Clem, 2003)
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Types of Assessment Instruments Utilized
While every responding agency but one reported conducting risk assessments at
some point in the supervision process, the specific instruments utilized varied across
jurisdictions.
Wisconsin-model instruments: Roughly one-third of responding agencies (25)
reported using a Wisconsin-model instrument. This includes the original
Wisconsin Risk/Needs Assessment and other instruments based on the
Wisconsin model.
Level of Service Inventory-Revised: Twenty-two percent of responding
agencies reported using the LSI-R, a commercially available instrument that
assesses both risk and needs.
In-house and other instruments: The largest number of agencies reported
using instruments that were developed specifically for their agency. Also
included in this category were agencies that reported using other
commercially available instruments such as COMPAS (Correctional Offender
Management Profiling System) which was reported being used by two
agencies. Overall, 45% of the responding agencies were in this category
(Clem, 2003).
Operational Aspects of General Population Risk Assessment
The survey also requested information on several operational related aspects of
risk assessment such as length of time the assessment has been in use, whether the
instrument has validated on the agency’s offender population, and linkage of assessment
results with supervision and case management decisions.
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Length of time used by agency: The average length of use for an instrument
was 12 years. Interestingly, the length of time in use was related to the actual
instrument used. For example, the Wisconsin-model instruments have been in
use considerably longer than the LSI-R or COMPAS. As a result, the average
length of use for the Wisconsin-model instruments was 19 years, while the
average length of use for the LSI-R was just four years.
Validation Considerations: Survey results indicate here that there is more
work to be done in educating agencies as to the importance of statistical
validation. Overall, only half of the instruments in use have been validated on
the supervising agencies population. In-house instruments were the most
likely to have been validated (78%), followed by the Wisconsin-model (70%).
However, six agencies that use the Wisconsin-model reported that their last
validation effort was conducted prior to 1990.
Linkage with supervision and case management decision: Overall, most
agencies report linking assessment results with level of supervision (94%),
while 82% use risk assessment outcome in case management decisions. This
is likely related to the fact that some instruments are specifically risk driven,
while others measure both the risk and needs of the offender (Clem, 2003).
Organizational Change
Unfortunately, there is a paucity of literature regarding the implementation of risk
assessment instruments in community corrections. Perhaps this could be due to a lack of
awareness regarding the critical nature of this implementation to the overall success of
the agency involved. If not implemented properly, even the best risk assessment
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instruments will fail to perform as needed (Schlager, 2009).
Developing an implementation plan and carrying it out is one thing. It is quite
another to do so while managing the myriad of issues such as organizational culture,
organizational change and politics, that can serve to derail this important task (Schlager,
2009). One significant issue that has been identified in the literature as a hindrance to
organizational change is an overall lack of professionalism within community corrections
(Latessa et al., 2002; Schlager, 2009). Practitioners would rather use “common sense”
decision making rather than rely on the growing body of research that now exists. In
other words, this reliance on the status quo significantly diminishes the ability of
community corrections to move forward and continue making organizational
improvements that will enhance its ability to make meaningful systematic changes
(Flores, Russell, Latessa, & Travis, 2006; Latessa et al., 2002; Schlager, 2009).
The decision as to which risk assessment instrument to implement is affected by
many factors. Personal preferences, budget limitations and even political pressure can
influence this important decision. In many ways, how an agency makes this decision can
be as important as the decision itself as it affects the manner in which the process is
perceived by field staff from the start (Schlager, 2009).
This issue is important because staff buy-in is critical to the successful
implementation of the instrument (White, 2004). According to Schlager (2009), line staff
must be involved in the process, if not, proper implementation will be in jeopardy from
the beginning. Deming’s work in the area of Total Quality Management (TQM) has
found that 90% of organizational problems are not staffing issues, but rather issues that
are inherent in the organization such as lack of participatory management (Slate, Wells,
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& Johnson, 2003). Thus, decentralized decision making, participatory management, and
staff participation in projects such as the implementation of risk assessment instruments
are key to not only a successful implementation, but the alleviation of officer stress as
well (Slate et al., 2003; Schlager, 2009).
Another potential pitfall in the implementation process is a disconnect between
levels of management and field staff. Upper level administrators pass information down
to middle management. At this point middle managers may sometimes neglect to pass
the information down to field staff, or pass it down in such a way that their lack of
support for the policy is evident. This allows field staff an out, continuing to operate as
they have, independent of the wishes of the administration’s policies and goals (Schlager,
2009). It is these mixed messages that can result in ineffective implementation (Bogue,
2004; Schlager, 2009).
Implementation
While there is no one definitive work on the model implementation process, the
literature is generally consistent with accepted practices within this important task. This
includes several key steps that must be undertaken to ensure successful implementation,
and subsequent use of any actuarial risk assessment instrument.
Research Your Options
The first issue to consider is the intended purpose of the instrument and how the
instrument will be utilized within the mission of the agency (Del Pra, 2004; Kreamer,
2004). The decision to select a general risk assessment tool, an instrument that includes
risk and needs components, and whether to implement assessments for special needs
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offenders such as sex offenders or mentally ill offenders is an important first step (Del
Pra, 2004).
In order to reach this decision, the agency should undertake a comprehensive
review of available instruments and their uses, taking several factors into account (Del
Pra, 2004; Holsinger, Lurigio, & Latessa, 2001; White, 2004). These factors should
include the skill level of staff, time available to staff to administer the instrument,
selection of a consultant, budgetary factors, and whether or not to adopt an instrument
available in the public domain such as the Wisconsin model, purchase a commercially
available instrument such as the LSI-R or COMPAS, or design an in-house instrument
(Austin, 2004, Holsinger et al., 2001).
Validation of the Instrument
Once the instrument and the consultant have been selected, the next step is the
validation of the instrument on the agencies offender population (Austin, 2004; Holsinger
et al., 2001; Latessa & Lovins, 2010). A common mistake that many correctional
agencies have made is to simply adopt an instrument from another agency and assume
that it will perform (i.e., predictive of recidivism) equally well (Austin, 2004). This
prevents the instrument from having sufficient external validity and the findings may not
be generalized to other offender populations (Austin, 2004). In fact, Wright, Clear &
Dickinson (1984) demonstrated very clearly that adopting risk assessment instruments
validated on other jurisdictions offender populations resulted in diminished predictive
accuracy of the instrument.
Yet another indication of the importance of this issue is the requirement of the
American Correctional Association (ACA) that an agency must have a validated risk
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assessment instrument in order to attain ACA accreditation. ACA accreditation serves as
documentation of an agency’s adherence to accepted correctional best practices.
Standard 4-APPFS-2A-01 of the ACA Adult Probation and Parole Field Services states
that an agency must have an objective risk assessment process that identifies offenders
risk of re-offending, identifies level of supervision, and identifies offender needs and that
the process must include:
An initial assessment using a validated instrument.
Additional assessments or evaluations.
Personal interview with the offender.
Development of objectives that address public safety as well as offender needs
with the results of the assessment recorded in file and communicated to
offender. (American Correctional Association, 2008, p. 7).
While major risk factors such as criminal history and age at first conviction are
generally predictive across jurisdictions, the predictive validity of other dynamic factors
such as employment, criminal associates and peers, and substance abuse may vary
(Holsinger et al., 2001). Proper validation of the instrument will ensure that only those
risk factors that are predictive of recidivism are included on the instrument, as well as
assigning the proper statistical weight to each of those risk factors (Austin, 2004). Just as
there is no one definitive implementation process, likewise there is no one definitive
validation process. While these validations have the same goal, the methods and
statistical techniques utilized may vary.
The instrument must be able to identify discrete groups of offenders who reflect
different levels of risk of re-offending. Thus, offenders who score low risk should have
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statistically significant lower rates of recidivism than do medium risk offenders, and
medium risk offenders must have statistically significant lower rates of recidivism than
do high risk offenders (Johnson & Hardyman, 2004). In other words, to be valid, the
instrument must measure what it states it measures, i.e., likelihood of recidivism.
Reliability
An underlying assumption in research is that an instrument cannot be valid if it is
not reliable. Inter-rater reliability, or inter-rater agreement is critical to satisfy this
assumption. Inter-rater reliability refers to the consistency of scoring among staff
(Johnson & Hardyman, 2004). If two or more staff members score the same offender
using the same instrument, then there should be at least an 80% agreement on each item.
If the instrument fails to reach an overall agreement level of 90%, then the instrument
should not be implemented (Austin, 2004). Because reliability affects the validity of the
instrument, inter-rater reliability should be established prior to other tests of validity
(Johnson & Hardyman, 2004).
Validity
Tests of validity usually consist of tracking a representative sample of offenders
for a two- to three-year period. Alternatively, a representative sample of offenders that
were sentenced or released two to three years prior to the validation may be used to
expedite the implementation process (Austin, 2004; Johnson & Hardyman, 2004). A
variety of bi-variate and multi-variate tests are performed to determine which risk factors
should be included in the instrument, the weights assigned to each risk factor, and scale
cut-points which determine level of supervision (Austin, 2004).
One of the most common statistical methods utilized for determining risk factors
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(independent variables) and their statistical relationship to recidivism (dependent
variable) is logistic regression. This technique not only measures the risk factors relative
impact on recidivism (explained variance), but also predicts the likelihood of an outcome
using an odds ratio. This technique then, allows the researcher to analyze classification
errors of the instrument. In the risk assessment context, classification errors may be of
two varieties, false positives and false negatives. False positives are cases that are
predicted to recidivate, but do not. False negatives are cases that are predicted to not
recidivate, but do, providing more detail on the predictive accuracy of the instrument.
Designating cut-points for levels of supervision requires multiple steps. These
cut-points should not be selected arbitrarily as a matter of policy. Policy considerations
are relevant (i.e., staffing levels, workload formulas, etc.); however, these cut-points
should be established by looking for natural breaks in the distribution of scores and
associated rates of recidivism as well as a generally accepted rule that there should be
approximately 30 percentage points between the recidivism rates of high-risk offenders
and low-risk offenders (Johnson & Hardyman, 2004).
Next, an analysis of variance (ANOVA) must be conducted to determine if the
rates of recidivism by supervision level, as determined by cut-points, result in statistically
significant differences in these recidivism rates, i.e., has the instrument succeeded in
creating distinct groups of offenders by level of risk (Johnson & Hardyman, 2004).
Training
Regardless of the relative ease or difficulty of the instrument, staff should be
formally trained in the use of the instrument. This training should not be limited to the
how to scoring of the instrument, but it should also include the rationale, theory, and
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research that supports the use of actuarial risk assessment and its role in the supervision
of offenders within an evidence-based framework (Holsinger et al., 2001; Kreamer, 2004;
Latessa & Lovins, 2010).
Training should not be limited to the implementation phase only. Agencies
should develop and implement refresher training for existing staff. The use of field
training officers, or some other form of new hire training such as computer-based training
programs, may also be utilized to ensure that the skills and knowledge necessary to
properly score the assessment and maintain proper reliability is not lost over time
(Kreamer, 2004; Latessa & Lovins, 2010; White, 2004).
Training is crucial to staff buy-in. The better staff understands the reasons and
benefits of risk assessment, and the more proficient they are in the use of the instrument,
the more credibility the instrument and the process as a whole will hold with all involved
(Austin, 2004). Supervisors must also be supportive of the instrument. Line staff
typically rely on supervisors for guidance and will follow suit if supervisors are less than
enthusiastic about the instrument and risk assessment process. It is unlikely that
successful implementation will occur without the support of field supervisors (Schlager,
2009; White, 2004).
Quality Assurance Measures
Following the initial training and implementation of a new instrument, agencies
should adopt quality assurance measures to maintain fidelity and integrity within the risk
assessment process (Latessa & Lovins, 2010; White, 2004). While continued training is
an important part of the quality assurance process, other steps may be taken to prevent
deterioration of staff skills which typically results in deterioration of the risk assessment
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process as a whole.
In addition to the training previously mentioned, there are three essential quality
control measures most often cited in the literature. The first is periodic audits of risk
assessments completed by field staff on active offenders (Latessa & Lovins, 2010).
Trained auditors should look individually for obvious errors in scoring and the use of
overrides. Overall, the auditors will examine the distribution of scores, supervision level
placement and percentage of cases overridden (Kreamer, 2004; Latessa & Lovins, 2010).
Secondly, inter-rater reliability studies should be completed yearly to ensure that
staff is continuing to score the instrument consistently, maintaining acceptable levels of
reliability within the instrument (Austin, 2004; Kreamer, 2004). Falling short of the
acceptable levels of reliability can be an indication of the need for refresher training.
And lastly, with changes in sentencing laws, offender demographics may change.
Therefore, re-validation of the instrument should be conducted every five years
(Holsinger et al., 2001). This will allow the instrument to remain valid and reliable over
time.
Overrides
One final implementation issue that warrants inclusion is the use of overrides.
According to Austin (2004), no system should rely strictly on the outcome of the risk
assessment. All risk assessment instruments have their limitations. After all, actuarial
risk assessment instruments are predicting aggregate behavior, not individual behavior
(Austin, 2004). The use of professional discretion can serve to diminish the number of
false positives and false negatives that are inherent in actuarial risk assessment (Austin,
2004). This is an important administrative decision as well. If an error is made in
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prediction there could be political ramifications. For example, an offender with a violent
offense is placed on minimal supervision as the result of a low risk assessment score and
then commits another high profile crime. The resulting outrage could be politically
disastrous for the agency and its administration. In order to avoid these situations, many
agencies institute policy overrides for violent and sex offenders (Gottfredson & Moriarty,
2006). The use of overrides will also allow officers some input, or the use of some
clinical judgment in the decision making process. This can be important in overcoming
resistance to the risk assessment process by staff (Holsinger et al., 2001).
Conclusion
Most Americans support the use of incarceration for serious, violent offenders and
are willing to accept the necessary costs of that incarceration (Austin, 2007; Petersilia,
2011). However, for hundreds of thousands of less serious, non-violent offenders,
community-based sanctions have been found to be far more effective as an appropriate
sanction, while reducing recidivism rates at the same time (Petersilia, 2011). While some
view this as being soft on crime, many researchers, academics, policymakers and
practitioners have realized that this approach is actually being smart on crime (Petersilia,
2011; Pew Center, 2009)
These same researchers, academics, policymakers and practitioners have spent the
last twenty years developing and improving actuarial risk assessment instruments so that
they can be used to more confidently and reliably classify offenders based on their risk of
re-offending (Petersilia, 2011). The key to reforming community corrections and seizing
this opportunity to enhancing community correction’s role in the criminal justice system
is to fully adopt the use of validated risk assessment instruments (Petersilia, 2011).
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While most jurisdictions utilize risk assessment instruments to some degree, many have
not fully adopted or embraced key evidence-based concepts such as focusing resources
on higher risk offenders or the principles of risk, needs and responsivity (Clem, 2003,
Latessa & Lovins, 2010).
Community corrections agencies must utilize proper policy evaluation (Mears,
2010), validation studies (Austin, 2004, 2006), as well as follow differentiated
supervision standards for offenders based on risk of re-offending (Clem, 2003; Latessa &
Lovins, 2010) in order to lay the foundation for evidence-based practices and resulting
reductions in recidivism rates. Until these organizational changes are made, community
corrections will continue to suffer from poor public perception, insufficient funding, and
most importantly, poor results.
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CHAPTER III
METHODOLOGY
The current study is an implementation evaluation of a risk assessment instrument
recently adopted by a state department of corrections division of community corrections
in a southern state. This dissertation seeks to answer the following primary question:
“Did the agency successfully implement the new risk assessment instrument?”
This will be addressed by examining the following three research questions:
Research Question #1: Did the agency’s implementation of its new risk
assessment instrument follow nationally accepted standards and practices
identified in the literature?
Research Question #2: Did the previous risk assessment instrument perform
adequately as evidenced by commonly used statistical tests of reliability and
validity?
Research Question #3: Does the newly adopted risk assessment instrument
exhibit indicators of improved performance as evidenced by commonly used
statistical tests of reliability and validity.
Data
The data for this study was obtained through the agency’s Management
Information Systems (MIS) division. Data consisted of secondary data on offenders
currently, or previously under the supervision of the Division of Community Corrections.
Even though the data are secondary, IRB approval will be obtained by submitting the
necessary proposal to The University of Southern Mississippi Institutional Review Board.
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Data requested
The following data on offenders was requested through the agency’s MIS division:
1.

Identifying number

2.

Sex

3.

Race

4.

Risk assessment instrument scoring items for risk factors

5.

Overrides

6.

Total raw score

7.

Level of supervision

8.

Returned to incarceration (yes, no)
Sampling

One random sample of offenders (N= 180) was obtained from the MIS division.
The sample consisted of offenders supervised and scored under previous risk assessment
instrument who began supervision in 2008 to allow for a three-year follow-up period.
The three-year follow-up period is necessary to measure recidivism, which is defined as a
return to incarceration within the state during the three-year period.
This sample of N=180 was utilized to evaluate overall distribution of scores and
measures of central tendency as well as to draw four separate random samples for the
various statistical tests within this study. Two primary statistical tests will be conducted
on each of the two separate risk assessment instruments: logistic regression and analysis
of variance. Due to differences in the risk assessment instruments being evaluated,
separate samples are necessary to maximize results and to ensure consistency in
comparisons between the two instruments.
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The previous risk assessment instrument utilized by the agency consisted of
eleven risk factors and four levels of supervision. The newly implemented risk
assessment instrument consists of seven risk factors and three levels of supervision.
Therefore, optimum sample sizes differ based on the number of risk factors, i.e.,
independent variables for logistic regression, as well as levels of supervision, i.e., number
of groups for analysis of variance.
In determining sample size for the logistic regression analysis, an a priori power
analysis was conducted utilizing α=.05 (significance criterion), power of .80 (β=.20), and
an estimated medium effect size of .15. With eleven independent variables (risk factors)
within the previous risk assessment instrument, this resulted in a power of .80 and a
sample size of n=123. Utilizing the same significance criterion, power and estimated
effect size, the resulting power and sample size for the new risk assessment instrument
with seven independent variables (risk factors) was .80 and n=103 respectively (Cohen,
1992; Erdfelder & Buchner,1996).
Samples size for analysis of variance were determined by utilizing similar a priori
power analyses utilizing α=.05 (significance criterion), power of .80 (β=.20), and an
estimated medium effect size of .25. A four-group design was utilized for the previous
risk assessment instrument corresponding with four levels of supervision. This resulted
in a power of .80 and a sample size of n=180. A three-group design was utilized for the
new risk assessment instrument corresponding with three levels of supervision. Utilizing
the same significance criterion, power and estimated effect size, the resulting power and
sample size for the new risk assessment instrument was .80 and n=159 respectively
(Cohen, 1992; Erdfelder & Buchner, 1996).
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Research Questions and Analytic Techniques
Research Question #1 and Analytic Technique
Did the agency’s implementation of its new risk assessment instrument follow
nationally accepted standards and practices identified in the literature? A qualitative
review of the literature on implementation evaluations and the use and implementation of
risk assessment instruments was conducted. The process undertaken by the agency was
evaluated in light of the existing body of work in this area in an effort to determine
whether the agency adhered to nationally accepted standards and practices.
Research Question #2 and Analytic Technique
Did the previous risk assessment instrument perform adequately as evidenced by
commonly used statistical tests of reliability and validity? Types of data that were
analyzed include a frequency distribution of raw total scores from the risk assessment
instrument, measures of central tendencies (mean, median, and mode) of scores, and
percentages of offenders in each of the four levels of supervision (low, intermediate,
regular, and intensive).
An important underlying assumption in research is that an instrument cannot be
valid if it is not reliable. Inter-rater reliability, or inter-rater agreement is critical to
satisfy this assumption and must be established early in the implementation/validation
process. Inter-rater reliability refers to the consistency of scoring among staff (Johnson
& Hardyman, 2004). An inter-rater reliability study was conducted on the previous risk
assessment instrument and the results of this analysis will be compared to those from an
inter-rater reliability study to be conducted on the newly adopted risk assessment
instrument. While there are several different methods that may be used to assess an
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instrument’s reliability (Lowenkamp, Holsinger, Brusman-Lovins, & Latessa, 2004), the
most simple and accurate measure of inter-rater reliability is percent agreement across
independent raters (Baird, 2009). Therefore, consistent with the literature (Lowenkamp
et al., 2004) and at the direction of the agency’s consultant, the study was completed as
follows.
The inter-rater reliability study consists of two officers scoring the same
offender’s from a random sample drawn from the MIS division. If two or more staff
members score the same offender using the same instrument, then there should be at least
an 80% agreement on each item. If the instrument fails to reach an overall agreement
level of 90%, then the instrument should not be implemented (Austin, 2004).
Logistic regression will be utilized as a primary statistical test of validity.
Logistic regression is commonly used for validation of risk assessment instruments for a
variety of reasons. First, logistic regression utilizes a dichotomous dependent variable.
That is, an event or non-event. In this study, recidivism is the dependent variable and
meets this requirement by measuring whether the offender returned to incarceration over
a three year period. Additionally, the strength of association between the dependent
variable recidivism and the independent variables risk factors is measured. This
technique measures whether there is a significant statistical relationship between the
dependent variable and each of the independent variables. In other words, are the
independent variables (risk factors) predictive of recidivism.
Case classification, or prediction, is another important outcome of logistic
regression utilized in this study. The overall predictive accuracy of the instrument is
evaluated by the hit ratio, or cases correctly predicted. The measurement of
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classification error, or false positives and false negatives, is crucial to fully analyzing the
predictive strength of a risk assessment instrument.
Rates of recidivism by level of supervision were also analyzed. An analysis of
variance (ANOVA) was conducted to determine if the rates of recidivism by supervision
level, as determined by cut-points/breaks, result in statistically significant differences in
these recidivism rates. In other words, has the instrument succeeded in creating distinct
groups of offenders by level of risk (Johnson & Hardyman, 2004).
Research Question #3 and Analytic Technique
Does the newly adopted risk assessment instrument exhibit indicators of improved
performance as evidenced by commonly used statistical tests of reliability and validity?
The newly implemented risk assessment instrument was administered to the random
sample of offenders by the researcher and the same analytic techniques will be applied
allowing for a direct comparison of results between the two instruments.
A final measure of performance consisted of an audit of a random sample of 150
cases drawn from the MIS division. These cases were audited for errors in scoring, use
of overrides and distribution of scores. These three areas are important indicators of
fidelity as well as indicators of improvement, or lack of improvement through the
implementation phase.
The purpose of the present study is to evaluate whether a southern state’s
department of corrections was successful in implementing a new actuarial risk
assessment instrument within its division of community corrections. This is to be
determined by evaluating the level of adherence to nationally accepted standards and
practices regarding the implementation and validation of risk assessment instruments,
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supported by a statistical analysis of both the previous risk assessment instrument and the
new instrument as outlined above. The following chapter will describe in detail the
results of the qualitative analysis of the process undertaken by the agency as well as the
quantitative analysis of each risk assessment instrument in light of the three research
questions.
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CHAPTER IV
ANALYSIS AND RESULTS
While there is no one definitive work on the model implementation process, the
literature is generally consistent with accepted practices within this important task. This
includes several key steps that must be undertaken to ensure successful implementation,
and subsequent use of any actuarial risk assessment instrument.
Selection of Instrument
Upon recognizing the need to improve its risk assessment practices, the agency
began researching all available options. This was done by identifying several available
risk assessment instruments to review and consider. These consisted of both
commercially available instruments and instruments in the public domain utilized by
other community corrections agencies.
The first instrument evaluated by the agency was the Level of Service InventoryRevised (LSI-R). This instrument, developed by Canadian psychologists Don Andrews
and James Bonta in the 1980’s, is one of the most widely used risk assessment
instruments in the world (Lowenkamp & Bechtel, 2007; Vose, Cullen, & Smith, 2008).
It consists of 54 items that measure 10 domains. These domains are criminal history,
leisure/recreation, education/employment, substance abuse, financial,
attitudes/orientation, emotional/personal, companions, family/marital, and
accommodation. The instrument is designed to be administered by practitioners such as
probation and parole officers. The information needed to score the assessment is
obtained through interviews with the offender and other information available to the
officer such as court records and police reports (Lowenkamp & Bechtel, 2007).
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Administration time can range from 45 minutes to one hour and while this instrument has
substantial empirical support for reliability and validity, it requires considerable training
and knowledge of psychological testing to ensure adequate levels of inter-rater reliability
among staff (Lowenkamp et al., 2004). Also, because this is a commercially available
instrument, costs could be considerable for a large state agency.
The second commercially available instrument evaluated was the Correctional
Offender Management Profiling for Alternative Sanctions (COMPAS). COMPAS is a
fourth generation instrument which not only predicts the likelihood of re-offending, but
also provides integrated case management planning for each offender. COMPAS
measures four areas of risk (recidivism, violence, failure to appear, and non-compliance)
as well as areas of criminogenic needs such as criminal associates, criminal personality,
attitudes and values, education and employment, recreation and leisure, substance abuse
and several others (Fass, Helbrun, DeMatteo, & Fretz, 2008).
This instrument, while much more recently developed than the LSI-R, also has
growing empirical support for reliability and validity (Brennan, Dieterich, & Ehret,
2009). COMPAS, like the LSI-R requires considerable training to ensure adequate
reliability. Like the LSI-R, administration time could also be 45 minutes to an hour and
costs could be considerable for a state agency due to the large number of assessments
being conducted.
The first of the public domain instruments that was evaluated was the original
version of the Wisconsin Risk and Needs Assessment. The Wisconsin instrument, which
consisted of both static and dynamic risk factors, was developed in the late 1970’s and
quickly became a popular risk assessment instrument being adopted by a number of
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jurisdictions around the country (Eisenberg, Bryl, & Fabelo, 2009). However, Wright,
Clear and Dickinson (1984) have shown that simply adopting and implementing this
instrument does not always meet with satisfactory levels of predictive accuracy. At a
minimum, these adopted instruments must be validated on one’s own offender population
to maximize validity (Lowenkamp & Bechtel, 2007).
Three other risk assessment instruments in use in the southeastern United States
and available in the public domain were also evaluated. All three were brief, consisting
of five to eight risk factors which were largely static in nature. While all of these
instruments have performed well for the respective agencies and were much shorter and
more objective in nature, all would have to be modified in some way in order to
maximize their efficacy within the subject agency.
After evaluating all necessary information regarding the aforementioned
instruments, agency administrators were presented with a description of each instrument,
along with the strengths and relative weaknesses of the instruments as they relate to the
particular needs of the agency. After considering costs, reliability and validity of the
instruments, administration time, workload and skill level of staff, it was determined that
none of the aforementioned instruments would simply be adopted by the agency. Rather,
the agency would employ an outside consultant to revise and validate the existing risk
assessment instrument. This would hopefully allow the agency to implement an
instrument designed explicitly for the agency, while maximizing the predictive accuracy
of the instrument through validation of the instrument based upon the offender population
the agency is responsible for managing.
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Revision and Validation of the Instrument
The agency obtained funding from the Bureau of Justice Assistance, United States
Department of Justice to contract the services of a technical consultant. The consultant
has conducted extensive research in the areas of correctional policy, prison classification
systems and probation and parole risk assessment instrument design and validation. This
research has given the consultant international esteem within the discipline. The
consultant was tasked with re-constructing and validating the agency’s risk assessment
instrument.
A multivariate regression analysis was utilized to assess the predictive validity of
the new instrument. This technique was utilized to assess whether the risk items included
in the instrument contributed significantly to explaining the outcome of interest
(recidivism defined as return to incarceration) and to re-weight the risk items based on
the items contribution, or level of significance in explaining return to incarceration.
Upon revising the instrument accordingly, cut-points for levels of supervision were
assessed again in order to accommodate the agency’s transition to three levels of
supervision as opposed to four, as well as to maximize differences in recidivism rates
between levels of supervision.
Regression results revealed that risk items from the prior risk assessment
instrument entitled alcohol use, prior violent convictions, prior violent person and prior
domestic violence were not predictive of recidivism and were therefore removed from the
instrument. However, having a current offense of robbery, burglary, larceny or
shoplifting, having an active gang affiliation, and current age all were found to be
predictive of recidivism. As a result, these items were included in the revised instrument.
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Additionally, bi-variate analysis suggested, and multivariate analysis confirmed that
gender was a significant predictor of risk. Therefore, gender was also included in the
final instrument.
Because probationers and parolees exhibit different rates of recidivism, it is
important to develop instruments that can account for these differences, thus allowing for
a more accurate assessment of risk (Eisenberg, Bryl, & Fabelo, 2009). As such, separate
multivariate analysis for probationers and parolees were conducted. This allowed the
consultant to adopt separate statistical weights associated with each risk item creating a
separate scoring scale associated with each population.
Implementation
Once the validation of the instrument was complete, it was determined that field
staff state-wide would receive formal training on the instrument prior to implementation
of the instrument. Formal scoring rules were developed through collaborative efforts
between the consultant and an agency liaison. As a result of this, a structured four hour
course was developed. This course consisted of a review of evidence-based practices and
the role of actuarial risk assessment, the validation process, scoring of the assessment as
well as practice scoring five cases selected and pre-scored by the agency’s trainer.
During the month prior to implementation, all field staff were required to attend one of
seven training sessions offered by the agency. The first training session was conducted
for supervisors and administrators. Line officers were required to attend one of the other
six sessions.
An implementation date was selected and all field staff were required to assess
each offender under supervision using the new risk assessment instrument during the first

58
three months of use. At the end of the three month period, all offenders under the
supervision of the agency were being supervised according to the results of the new risk
assessment instrument and corresponding supervision standards. It was determined that
the three month period would be adequate time for staff to assess every offender on their
caseload while allowing for an audit to be conducted by the end of the year.
All field staff received supplemental training during the agencies annual refresher
training that is required for all field staff. The trainer presented the same training
curriculum at each refresher course offered throughout the year. The only deviation from
this was that during the refresher training, staff were not required to score the practice
cases. By the end of the year, all field staff state-wide had received an initial training
course on the new risk assessment instrument, as well as supplemental refresher training
for a total of approximately six hours of formal training on the instrument.
Quality Assurance Measures
At the direction of the agency’s consultant, an audit was conducted approximately
six months after implementation and an inter-rater reliability study was conducted one
year after implementation. The results of these are presented later in this chapter. For
continued quality assurance, the agency is planning yearly audits and inter-raterreliability studies to evaluate the continued utilization of the risk assessment instrument
and formal risk assessment training will be conducted every other year through the
agency’s annual refresher training. The agency is also evaluating the possibility of
implementing a computer-based risk assessment training program for new hires. Finally,
the agency will conduct a re-validation of the instrument every five years. This is to
accommodate potential changes in the offender population which can impact selection of
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risk factors and associated statistical weights of those factors (Austin, 2004).
Overrides
According to Austin (2004), no system should rely strictly on the outcome of a
risk assessment. All risk assessment instruments have their limitations. After all,
actuarial risk assessment instruments are designed to predict aggregate behavior, not
individual behavior (Austin, 2004). The agency implemented an override system in order
to allow for professional discretion, alleviate false positives and false negatives, and
protect the agency from high stakes offenses such as violent and sex offenses committed
by offenders under supervision. Only two policy overrides were implemented by the
agency. The first policy override mandates that registered sex offenders must be
supervised at least at the medium level of supervision. It was determined that this would
be sufficient to maximize public safety as well as prevent the agency from undersupervising high-stakes offenders. The second policy override mandates that any
offender assessed as high-risk may not move to low-risk during the same period of
supervision.
The second type of override allowed by the agency is the discretionary override.
The agency allows for officers to utilize discretionary overrides on up to 10% of their
caseload, not including those policy overrides for sex offenders. This 10% is the most
widely accepted level of overrides for a particular instrument (Byrne & Pattavina, 2006).
If there are more than 10% of cases overridden on a particular risk assessment
instrument, then there is either a lack of predictive validity of the instrument itself, there
has been insufficient training of staff, or officers are attempting to manipulate their
workload by means of the level of supervision. Officers may override offenders up or
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down one level of supervision based upon the following circumstances.
Aggravating circumstances that must be documented in order to override an
offender up one level are active gang involvement, a criminal record more serious than
the risk score reflects, untreated mental health issues, recent alcohol and other drug
abuse, recent community supervision revocations, and unverifiable residence or
employment information.

These aggravating circumstances are rooted in empirical

literature and criminological theory. For example, the literature has shown that having
antisocial associates (a central tenant of social learning theory) is an important risk factor
for recidivism (Cullen & Agnew, 2003; Gendreau et al. 1996). Likewise, past criminal
involvement and a history of non-compliance has also been shown to be predictive of
ongoing criminal behavior (Andrews & Bonta, 1998; Stalans, Yarnold, Seng, Olsen, &
Repp, 2004).
With the deinstitutionalization of the mentally ill, more mentally ill individuals
are under community supervision via the justice system (Slate & Johnson, 2008). Once
on supervision, these offenders are three times more likely to be returned to incarceration
for non-compliance (Eno Louden & Skeem, 2011). While substance abuse has
consistently been shown to be predictive of recidivism (Gendreau et al. 1996), residential
and occupational instability are rooted in social control and strain theories and have also
been associated with higher rates of re-offending (McNaughton, 2007; Gendreau et al.
1996).
Likewise, if the presence of any of the above aggravating factors justifies an
override up a level of supervision, the absence of those factors may then be considered
mitigating circumstances. Mitigating circumstances that may be documented, in order to
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override an offender down one level, are stable employment, satisfactory family support,
previous success under community supervision, current age (40 or older), medical
impairment or disability, and age of prior arrests and convictions, i.e., 10 years prior to
assessment (Andrews & Bonta, 1998; Gendreau et al. 1996; McNaughton, 2007; Stalans,
Yarnold, Seng, Olsen, & Repp, 2004).
Summary of Findings from Review of Process
The literature reveals four critical components to effective risk assessment
practices within an agency. These are selection of the instrument, validation of the
instrument on the offender population on which it will be administered, implementation
of the instrument within the agency, and quality assurance measures.
In reviewing the process undertaken by the agency, it appears as though these four
components were followed very closely. Factors such as costs, time availability, and skill
level of the field staff were all taken into consideration when making the decision to
revise the existing risk assessment instrument rather than simply adopt an instrument
from another agency or purchase a commercially available instrument. The agency then
contracted with an external consultant to conduct the validation component so that the
instrument will be individualized for the agency in order to maximize predictive accuracy
and effectiveness. Third, the agency developed and executed an implementation plan
which included separate training for supervisors and administrators, two rounds of initial
training for all field staff, and a graduated implementation of the new instrument into
practice. Since implementation, the agency has completed an initial audit and an initial
inter-rater reliability study as part of the agency’s on-going quality assurance measures.
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Analysis of Reliability and Predictive Accuracy of Risk Assessment Instruments
Inter-Rater Reliability
While there is considerable research in the area of risk assessment, little of this
addresses reliability specifically (Baird, 2009). Inter-rater reliability, or inter-rater
agreement is critical to satisfy this assumption. Inter-rater reliability refers to the
consistency of scoring among staff (Johnson & Hardyman, 2004) and when this
consistency is lacking, the instrument cannot be assumed to be valid (Baird, 2009). If
two or more staff members score the same offender using the same instrument, then there
should be at least an 80% agreement on each item. Because reliability affects the validity
of the instrument, inter-rater reliability should be established prior to other tests of
validity (Johnson & Hardyman, 2004). An inter-rater reliability study was conducted on
the previous risk assessment instrument and the results of this analysis will be compared
to those from an inter-rater reliability study to be conducted on the newly adopted risk
assessment instrument.
Procedure
There are several different methods that may be used to assess the reliability of an
instrument (Lowenkamp, Holsinger, Brusman-Lovins, & Latessa, 2004). While some
researchers utilize Chronbach’s Alpha to measure internal consistency (Brennan,
Dieterich, & Ehret, 2009), others argue that this is not appropriate for measuring an
observable outcome such as recidivism (Baird, 2009). The most simple and accurate
measure of inter-rater reliability is percent agreement across independent raters (Baird,
2009). Therefore, consistent with the literature (Lowenkamp et al., 2004) and at the
direction of the agency’s consultant, the study was completed as follows.
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Ten senior field staff met at the agency’s headquarters to re-score 100 randomly
selected offenders risk assessments. The sample consisted of 50 randomly sampled
offenders with prior incarceration and 50 randomly sampled offenders with no prior
incarceration. Rules set forth in agency policy were reviewed for scoring the assessment
prior to beginning. Utilizing information from the agency’s caseload management
system as well as other agency computer systems, each independent evaluator then
scored 10 cases each. After completing the scoring, the assessments were turned in to the
researcher who then entered the information into an excel data file. Cases were identified
with the offender’s agency ID number and each of the eleven risk items were numbered
with corresponding scores, total raw score and status of the offender with prior
incarceration coded as “1” and no prior-incarceration coded as “0.”
Table 1
Inter-rater Agreement on Previous Risk Assessment Instrument

Risk Item

Percent Agreement

Employment

71%

Alcohol use/abuse

67%

Drug use/abuse

47%

Attitude

54%

Age at 1st arrest

80%

Prior periods of supervision

80%

Prior revocations

43%
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Table 1 (continued).

Risk Item

Percent Agreement

Prior convictions

79%

Prior robbery convictions

91%

Prior convictions of violence

78%

Prior domestic violence

95%

Average error

2.93

Results
The results of this study reveal very poor levels of inter-rater reliability, or
agreement in scoring among staff on the previous risk assessment instrument. Only four
of the eleven risk items meet the necessary 80% agreement level, with two in the 90%
range (prior robbery and prior domestic violence) and two in the 80% range (age at 1st
arrest and prior periods of supervision). Prior revocations, which should be relatively
easy to determine from agency records, had an agreement level of only 43%.
Interestingly, alcohol use/abuse had an agreement level of 67%, while drug use/abuse had
an agreement level of 47%. These two items have essentially the same scoring criteria
within the same domain of substance abuse.
It appears that items that are subjective in nature have much poorer levels of interrater agreement. Prior research has demonstrated that subjective items have significantly
lower rates of reliability (Baird, 2009). This is evident in the instant results.
Employment (71%), alcohol use/abuse (67%), drug use/abuse (47%) and attitude (54%)
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had much lower levels of agreement than the more objective items which can be easily
determined by agency records. With the exception of the aforementioned prior
revocations (43%), the more objective criminal history items met or were very close to
meeting the necessary 80% agreement level.
Additionally, the average error for the overall risk score was 2.93 points. This
means that on average, there was a difference of nearly three points between the risk
score of record and the audit score. This too is reflective of very poor inter-rater
agreement. While the average error was nearly three points, it was not uncommon to find
differences of more than 5 points. Indeed, there were 23 cases where the scoring error
was between 5 and 10 points with 6 cases having a scoring error of 10 or more points.
Scoring errors of this magnitude can result in misclassification of offender by more than
one level of supervision.
New Risk Assessment Instrument
Approximately one year after the implementation of the new risk assessment
instrument, a second inter-rater reliability study was conducted. As with the previous
inter-rater study, ten senior field staff met at the agency’s headquarters to re-score 100
randomly selected offenders risk assessments. This sample consisted of 100 randomly
sampled offenders who were actively under supervision by the agency. Rules set forth in
agency policy were reviewed for scoring the assessment prior to beginning. Utilizing
information from the agency’s caseload management system as well as other agency
computer systems, each independent evaluator then scored 10 cases each. After
completing the scoring, the assessments were turned in to the researcher who then entered
the information into an excel data file. Cases were numbered sequentially and each of the
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seven risk items were numbered with corresponding scores, total raw score and status of
the offender with prior incarceration coded as “1” and no prior-incarceration coded as
“0.”
Table 2
Inter-rater Agreement on New Risk Assessment Instrument

Risk Item

Percent Agreement

Alcohol and Drug Usage

81%

Prior Revocations

82%

Prior Felony Convictions

73%

Current Offense

86%

Active Gang Affiliation

87%

Gender

96%

Current Age

96%

Average Error

1.68

Results
The results of the second inter-rater reliability study show marked improvement
overall. All but one of the seven items reached at least the 80% agreement level with
“number of prior convictions” reaching only a 73% level of agreement. As with the
previous study, items that are subjective in nature tended to have lower levels of interrater agreement. This can be seen in item number one, alcohol and drug usage. Other
than prior convictions, this item consisted of the lowest rate of agreement among staff.
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Items that are much more objective in nature continued to have the highest rates
of inter-rater agreement. “Current offense,” “active gang affiliation,” “gender,” and
“current age” all had levels of agreement between 86% and 96%. Interestingly, criminal
history items such as “prior convictions” and “prior revocations” had two of the lowest
levels of inter-rater agreement among staff. These items should be fairly objective in
nature and easily obtained from agency records.
Finally, the average error for the overall risk score was much improved as well
with a final average error of 1.68. Therefore, on average, there was a difference of less
than two points between the final risk score of record and the audit score. It should be
noted that due to the weighting of risk items on the new instrument, a difference of one
scoring level could produce a scoring error of as much as five points. Whereas the
previous inter-rater study revealed an average error of nearly three points, the scoring
weights on each item on the previous risk assessment instrument were largely additive,
e.g., 0, 1, 2. A scoring error of three points on the previous instrument could have
resulted from a scoring disagreement of up to three levels. The weighting system on the
new risk assessment, however, is based upon the risk factors explanatory power, or
relative contribution to predicting recidivism e.g., 0, 2, 7. A scoring error of five points
on the new instrument could have resulted in a scoring disagreement of only one level.
The current inter-rater study consisted of no cases in which scoring disagreements
resulted in a difference of more than one level of supervision.
The overall percent agreement improved by 15 percentage points between the first
inter-rater agreement study and the second. The overall level of agreement on the first
inter-rater study was 71%. On the second inter-rater reliability study, the overall level of
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agreement increased to 86%. While this improvement is substantial, overall agreement
should reach 90% on an instrument (Austin, 2004).
While there was marked improvement in the inter-rater reliability between the
previous instrument and the new instrument, there is still room for improvement. As
noted, criminal history items, such as prior convictions and prior revocations, should be
fairly easy to determine and measure. However, these items had low rates of agreement
on both assessments. Subjective items such as alcohol and drug use tended to be
underscored on both assessments as well. Continued training and monitoring of staff is
necessary to not only maintain the noted improvements, but also to continue to improve
levels of agreement within subjective and criminal history items, improving the overall
reliability and subsequent validity of the instrument.
Descriptives of Sample Cohort for Logistic Regression and Analysis of Variance
Sample
A base sample of N=180 offenders was randomly selected by the agency’s
Management Information Systems (MIS) division. These offenders had a supervision
start date in 2008 to allow for a three year follow-up period. From this number, separate
random samples were taken by the researcher for the four separate statistical models that
were utilized to analyze the predictive accuracy of the risk assessment instruments. The
full sample of N=180 was utilized for the four group analysis of variance and a sample of
N=159 was utilized for the three group analysis of variance. For the logistic regression
analysis, a sample of N=123 was utilized for the previous risk assessment instrument
consisting of eleven risk factors, and a sample of N=103 was utilized for the new risk
assessment instrument consisting of seven risk factors.
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The full sample of offenders (N=180) consisted of 87.8% males (n=158) and
12.2% females (n=22). White offenders made up 33.9% (n=61) of the sample, AfricanAmerican offenders made up 65.6% (n=118) of the sample and other races made up .6%
(n=1) of the sample. This is consistent with the offender demographics of the agency.
The sample also consists of 31.7% (n=57) of offenders supervised directly from
court and 68.3% (n=123) of offenders being supervised post-incarceration. The base
recidivism rate for the sample is 39.4%. Recidivism is defined as a return to
incarceration within a three year period.
Variables in the Model
The dependent variable, or outcome of interest in the current study is recidivism.
This is defined as a return to incarceration within a three year period. Because this
variable is dichotomous in nature, the variable is coded as “0” for no return to
incarceration, and “1” for a return to incarceration.
There are a total of 18 independent variables (risk factors) utilized in the various
models within the current study. Because many contained more than one possible
category such as race, age, and prior convictions, these variables were re-coded as “0” for
no risk factor present, or “1” for risk factor present. Tables 3 and 4 contain the variables
included in the models with the frequency and percentage of the dependent variable as
having returned to incarceration or not returned, and the frequency and percentage of the
independent variables as having the risk factor present or not present.

70
Table 3
Variables in the Model Previous Risk Assessment Instrument

Variable

Coding

Number

Percentage

Dependent Variable
Recidivism

0=not present
1=present

N=109
N=71

60.6
39.4

0=not present
1=present

N=69
N=111

38.3
61.7

Alcohol Abuse

0=not present
1=present

N=135
N=45

75.0
25.0

Attitude

0=not present
1=present

N=171
N=9

95.0
5.0

Age at 1st conviction

0=not present
1=present

N=92
N=88

51.1
48.9

Prior Conviction

0=not present
1=present

N=120
N=60

66.7
33.3

Prior Robbery

0=not present
1=present

N=155
N=25

86.1
13.9

Prior Violent Person

0=not present
1=present

N=165
N=15

91.7
8.3

Prior Domestic Violence

0=not present
1=present

N=175
N=5

91.7
8.3

Independent Variable
Employment
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Table 4
Variables in the Model New Risk Assessment Instrument

Variable

Coding

Number

Percentage

0=not present
1=present

N=109
N=71

60.6
39.4

0=not present
1=present

N=132
N=48

73.3
26.7

Prior Revocation

0=not present
1=present

N=130
N=50

72.2
27.8

Prior Conviction

0=not present
1=present

N=118
N=62

65.6
34.4

Current Offense

0=not present
1=present

N=127
N=53

70.6
29.4

Gang Affiliation

0=not present
1=present

N=127
N=53

70.6
29.4

Gender

0=not present
1=present

N=22
N=158

12.2
87.8

Current Age

0=not present
1=present

N=40
N=140

22.2
77.8

Dependent Variable
Recidivism

Independent Variable
Alcohol and Drug Abuse

Frequencies and Descriptives for Previous Risk Assessment Instrument
Total Risk Score
The total sample of N=180 was utilized to evaluate overall frequency distributions
of scores, risk levels, and use of overrides. The distribution of total risk score was
examined. The distribution resulted in a mean risk score of 4.7278, a median risk score
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of 4.5000 and a mode of 4.00. The standard deviation was 3.750. These findings reveal
a risk assessment instrument that likely underscores the offender population as a whole.
Frequency of Risk Score
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Figure 1. Frequency Distribution of Total Risk Score for Previous Risk Assessment
Instrument.
Table 5 illustrates the overall distribution of individual risk scores of offenders in
the population (N=180) by frequency and percent of the total population as scored on the
previous risk assessment instrument. As observed in the figure, the score of 4.00 was the
most frequently occurring score (21).
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Table 5
Frequencies of Risk Score on Previous Risk Assessment Instrument

Score

Frequency

Percent

Valid %

Cumulative %

-2.00
-1.00
0.00
1.00
2.00
3.00
4.00
5.00
6.00
7.00
8.00
9.00
10.00
11.00
12.00
13.00
14.00
16.00
Total

15
3
1
18
13
19
21
16
17
13
12
11
12
4
2
1
1
1
180

8.3
1.7
.6
10.0
7.2
10.6
11.7
8.9
9.4
7.2
6.7
6.1
6.7
2.2
1.1
.6
.6
.6
100.0

8.3
1.7
.6
10.0
7.2
10.6
11.7
8.9
9.4
7.2
6.7
6.1
6.7
2.2
1.1
.6
.6
.6
100.0

8.3
10.0
10.6
20.6
27.8
38.3
50.0
58.9
68.3
75.6
82.2
88.3
95.0
97.2
98.3
98.9
99.4
100.0

Note. Range of scores: -2 to 16.

Level of Supervision
The previous risk assessment instrument and agency policy contained four levels
of supervision. From lowest to highest they were demand, coded as “1”; intermediate,
coded as “2”; regular, coded as “3”; and intensive, coded as “4”. Intermediate was
defined as low risk and demand defined as very low risk. Therefore, these two combined
consisted of all low risk offenders.
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The results show that a full 68.4% of the sample scored low risk with a mere 1.7%
scoring high risk. Thirty percent of the sample scored in the regular category, indicating
a medium level of risk.
Table 6
Frequencies of Level of Supervision on Previous Risk Assessment Instrument

Level

Frequency

Percent

Valid %

Cumulative %

1.00
2.00
3.00
4.00
Total

50
73
54
3
180

27.8
40.6
30.0
1.7
100.0

27.8
40.6
30.0
1.7
100.0

27.8
68.3
98.3
100.0

Note. Levels of supervision: 1= demand; 2= intermediate; 3= regular; 4= intensive.
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Figure 2. Frequency Distribution for Level of Supervision on Previous Risk Assessment
Instrument.
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Use of Overrides
As noted in the literature, the use of overrides is an important component of
actuarial risk assessment. The opportunity to account for various mitigating factors such
as age and medical condition as well as aggravating factors such as recent drug and
alcohol use and recent community supervision failures helps lessen the number of false
positives and false negatives if utilized properly by field staff.
Overrides were coded as “0” for no override, “1” for a policy mandated override,
and “2” for a discretionary override. The results show that 81.1% of the sample (N=146)
had no override, while 18.3% (n=33) had a policy override and .6% (n=1) had a
discretionary override. The previous agency policy on classification and supervision of
offenders required an override on all electronic monitoring offenders to the intensive
level of supervision. This largely explains the high number of policy overrides (33)
relative to discretionary overrides (1).
Table 7
Use of Overrides on Previous Risk Assessment Instrument

Level

Frequency

Percent

Valid %

Cumulative %

.00
1.00
2.00
Total

146
33
1
180

81.1
18.3
.6
100.0

81.1
18.3
.6
100.0

81.1
99.4
100.0

Note. Overrides: 0= no override; 1= policy override; 2= discretionary override.
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Final Level of Supervision
As a result of the policy and discretionary overrides utilized on the previous risk
assessment instrument, final levels of supervision did see moderate changes, particularly
in the intensive level of supervision. Whereas only 1.7% of the sample scored intensive
as the result of the initial risk score, a full 20% of the sample in the final level of
supervision was in the intensive category. This resulted in a much more even distribution
of offenders across all four levels of supervision.
Table 8
Final Level of Supervision on Previous Risk Assessment Instrument

Level

Frequency

Percent

Valid %

Cumulative %

1.00

40
59
45
36
180

22.2
32.8
25.0
20.0
100.0

22.2
32.8
25.0
20.0
100.0

22.2
55.0
80.0
100.0

2.00
3.00
4.00
Total

Note. Levels of supervision: 1= demand; 2= intermediate; 3= regular; 4= intensive.
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Figure 3. Frequency Distribution for Final Level of Supervision for Previous Risk
Assessment Instrument.
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Frequencies and Descriptives for New Risk Assessment Instrument
Total Risk Score
The total sample of N=180 was utilized to evaluate overall frequency distributions
of scores, risk levels, and use of overrides. The distribution of total risk score was
examined. The distribution resulted in a mean risk score of 8.7444, a median risk score
of 8.0000 and a mode of 7.00. The standard deviation was 3.79331. These results, as
with the results of the audit, indicate an improved distribution of scores over the previous
risk assessment instrument.
Table 9 illustrates the overall distribution of individual risk scores of offenders in
the population (N=180) by frequency and percent of the population as scored on the new
risk assessment instrument. As observed in the figure, the score of 7.0 was the most
frequently occurring score (31) and the median score (8.0) occurred at a frequency of 20.
Table 9
Frequencies of Risk Score on New Risk Assessment Instrument

Score

.00
1.00
2.00
3.00
4.00
5.00
6.00
7.00
8.00
9.00

Frequency

4
2
1
9
3
13
8
31
20
13

Percent

2.2
1.1
.6
5.0
1.7
7.2
4.4
17.2
11.1
7.2

Valid %

2.2
1.1
.6
5.0
1.7
7.2
4.4
17.2
11.1
7.2

Cumulative %

2.2
3.3
3.9
8.9
10.6
17.8
22.2
39.4
50.6
57.8
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Table 9 (continued).

Score

Frequency

10.00

28
7
9
17
4
4
4
1
1
1
180

11.00
12.00
13.00
14.00
15.00
16.00
17.00
19.00
22.00
Total

Percent

Valid %

15.6
3.9
5.0
9.4
2.2
2.2
2.2
.6
.6
.6
100.0

Cumulative %

15.6
3.9
5.0
9.4
2.2
2.2
2.2
.6
.6
.6
100.0

73.3
77.2
82.2
91.7
93.9
96.1
98.3
98.9
99.4
100.0

Note. Range of scores: 0 to 22.
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Figure 4. Frequency Distribution of Total Risk Score for New Risk Assessment
Instrument.
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Level of Supervision
The new risk assessment instrument and agency policy contains three levels of
supervision rather than the previous four levels. From lowest to highest they are low,
coded as “1”; medium, coded as “2”; and high, coded as “3”. The previous instrument
and policy divided low risk offenders into two separate groups. Intermediate was defined
as low risk and demand defined as very low risk. The new instrument and policy
combined these two creating a single group of low risk offenders. The results show that a
full 10.6% of the sample scored low risk while 66.7% scored medium risk and 22.8%
scored high risk.
Table 10
Frequencies of Level of Supervision for Previous Risk Assessment Instrument

Level

Frequency

Percent

Valid %

Cumulative %

1.00

19
120
41
180

10.6
66.7
22.8
100.0

10.6
66.7
22.8
100.0

10.6
77.2
100.0

2.00
3.00
Total

Note. Levels of supervision: 1= low risk; 2= medium risk; 3= high risk.
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Figure 5. Frequency Distribution for Level of Supervision for New Risk Assessment
Instrument.
Use of Overrides
While the previous agency policy on classification and supervision of offenders
required an override on all electronic monitoring offenders to the intensive level of
supervision, the new policy and instrument do not have this requirement.

The new

policy requires only two mandated overrides. The first requires that all registered sex
offenders be supervised at minimum, in the medium category of supervision. The second
mandates that any offender supervised at the high risk level of supervision may not be
supervised at the low risk level during the same period of supervision.
The results show that 98.3% of the sample (n=177) had no override, while .6%
(n=1) had a policy override and 1.1% (n=2) had a discretionary override.

These results

are consistent with the previous audit wherein no overrides were found in the audit
sample. While the new policy allows for up to a 10% override of cases through
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discretionary overrides, field staff does not appear to be fully utilizing this classification
tool to manage caseloads.
Table 11
Use of Overrides for New Risk Assessment Instrument

Level

.00
1.00
2.00
Total

Frequency

Percent

Valid %

Cumulative %

177
1
2
180

98.3
.6
1.1
100.0

98.3
.6
1.1
100.0

98.3
98.9
100.0

Note. Overrides: 0= no override; 1= policy override; 2= discretionary override.

Final Level of Supervision
As a result of the policy and discretionary overrides utilized on the previous risk
assessment instrument, final levels of supervision saw negligible change. The results
found a consistent 22.8% of the sample scoring high risk, whereas the medium risk
category increased slightly to 68.3% and the low risk category reduced slightly to 8.9%.
Table 12
Final Level of Supervision for New Risk Assessment Instrument

Level

Frequency

Percent

Valid %

Cumulative %

1.00

16
123
41
180

8.9
68.3
22.8
100.0

8.9
68.3
22.8
100.0

8.9
77.2
100.0

2.00
3.00
Total

Note. Levels of supervision: 1= low risk; 2= medium risk; 3= high risk.
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Figure 6. Frequency Distribution for Final Level of Supervision for New Risk
Assessment Instrument.
Analysis of Variance for Previous Risk Assessment Instrument
In order to determine whether the previous risk assessment instrument was
successful in creating distinct groups of offenders by level of supervision, an analysis of
variance was conducted to test the significance of mean recidivism rates between groups.
Samples size for analysis of variance were determined by utilizing a priori power
analyses utilizing α=.05 (significance criterion), power of .80 (β=.20), and an estimated
medium effect size of .25. A four group design will be utilized for the previous risk
assessment instrument corresponding with four levels of supervision. This resulted in a
power of .80 and a sample size of n=180. Therefore, the complete sample was utilized
for this model (Cohen, 1992; Erdfelder & Buchner, 1996).
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Table 13
Descriptives for Analysis of Variance

Level

1.00
2.00
3.00
4.00
Total

N

50
73
54
3
180

Mean

.2600
.3973
.5370
.0000
.3944

SD

.44309
.49272
.50331
.00000
.49009

S.E.

.06266
.05767
.06849
.00000
.03653

95% C.I. for Mean
Lower
Bound

Upper
Bound

.1341
.2823
.3997
.0000
.3224

.3859
.5122
.6744
.0000
.4665

Min.

Max.

.00
.00
.00
.00
.00

1.00
1.00
1.00
.00
1.00

Note. Levels of supervision: 1= demand; 2= intermediate; 3= regular; 4= intensive.

The descriptives found in table 13 show mean recidivism rates of 26% for
demand, 40% for intermediate, 54% for regular, and 0% for intensive offenders. The
results of the model were significant at .015 with three degrees of freedom. Since the
probability of error is <.05, the analyst must reject the null hypothesis of no difference
and conclude that there are significant differences in mean recidivism rates among levels
of supervision. Therefore, it may be concluded that the previous instrument was
successful in creating distinct groups of offenders based on their likelihood of reoffending.
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Table 14
Analysis of Variance for Previous Risk Assessment Instrument

Source

Between groups
Within groups
Total

SS

df

MS

F

Sig.

2.469
40.525
42.994

3
176
179

.823
.230

3.574

.015*

Note. * p < .05

Analysis of Variance for New Risk Assessment Instrument
In order to determine whether the new risk assessment instrument was successful
in creating distinct groups of offenders by level of supervision, an analysis of variance
was conducted to test the significance of mean recidivism rates between groups. Samples
size for analysis of variance were determined by utilizing a priori power analyses
utilizing α=.05 (significance criterion), power of .80 (β=.20), and an estimated medium
effect size of .25. A three-group design will be utilized for the new risk assessment
instrument corresponding with three levels of supervision. Utilizing the same
significance criterion, power and estimated effect size, the resulting power and sample
size for the new risk assessment instrument was .80 and N=159 respectively (Cohen,
1992; Erdfelder & Buchner, 1996).
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Table 15
Descriptives for Analysis of Variance for New Risk Assessment Instrument

Level

1.00
2.00
3.00
Total

N

16
106
37
159

Mean

.1250
.3679
.5676
.3899

SD

.34157
.48453
.50225
.48928

S.E.

.08539
.04706
.08257
.03880

95% C.I. for Mean
Lower
Bound

Upper
Bound

-.0570
.2746
.4001
.3133

.3070
.4612
.7350
.4666

Min.

Max.

.00
.00
.00
.00

1.00
1.00
1.00
1.00

Note. Levels of supervision: 1=low risk; 2= medium risk; 3= high risk.

The descriptives found in table 15 show mean recidivism rates of 13% for low
risk, 37% for medium risk, and 57% for high risk offenders. The results of the model
were significant at .007 with two degrees of freedom. Since the probability of error is
<.05, the analyst must reject the null hypothesis of no difference and conclude that there
are significant differences in mean recidivism rates among levels of supervision. It may
be concluded then that the new risk assessment instrument is successful at creating
distinct groups of offenders based on their likelihood of re-offending.
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Table 16
Analysis of Variance for New Risk Assessment Instrument

Source

Between
groups
Within
groups
Total

SS

df

MS

F

Sig.

2.342

2

1.171

5.148

.007*

35.482

156

.227

37.824

158

Note. * p < .05

Logistic Regression Analysis for Previous Risk Assessment Instrument
Logistic regression analysis was utilized in order to determine whether the
previous risk assessment instrument was successful in classifying offenders and
predicting recidivism. In determining sample size for the logistic regression analysis, an
a priori power analysis was conducted utilizing α=.05 (significance criterion), power of
.80 (β=.20), and an estimated medium effect size of .15. With 11 independent variables
(risk factors) within the previous risk assessment instrument, this resulted in a power of
.80 and a sample size of N=123 (Cohen, 1992; Erdfelder & Buchner, 1996). Utilizing
SPSS, a random sample of N=123 was drawn from the base sample of N=180 for this
statistical model.
Table 17 depicts the predicted outcome of cases at the null model. At the null
model, it was predicted that every offender in the sample would not return to
incarceration. That is, in every case it was predicted that the offender would not
recidivate. In this model, 75 cases were correctly predicted to be a non-event (no
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recidivism), while 48 cases were incorrectly predicted to be an event (recidivism).
Therefore the overall percentage correctly classified at the null model was 61%.
Table 17
Null Model Classification Table for Previous Risk Assessment Instrument

Observed

Step 0

No return
Return

Predicted

% Correct

No return

Return

75
48

0
0

Overall %

100.0
.0

61.0

Table 18 depicts whether the risk assessment instrument with all eleven risk
factors entered into the model does a better job at predicting recidivism than that of
chance alone. This table shows an overall hit ratio of 65.9%. This is an increase in
accuracy of 4.9% over the null model. In this model, 60 cases were correctly predicted
(to not recidivate) and 15 cases incorrectly predicted for a percentage correct of 80%.
Twenty-one cases were correctly predicted (to recidivate) and 27 cases incorrectly
predicted for a percentage correct of 43.8%.
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Table 18
Classification Table for Previous Risk Assessment Instrument.

Observed

Step 1

No return
Return
Overall %

Predicted

% Correct

No return

Return

60
27

15
21

80
43.8

65.9

The current model is an analysis of a risk assessment instrument previously
utilized by the correctional agency. As such, it is important to evaluate the predictive
accuracy of the instrument as it was designed and utilized in the field. Whereas a
stepwise method of variable entry would enter only those variables with a statistically
significant relationship to recidivism, the enter method of variable selection was utilized
so that the overall predictive accuracy of the instrument may be evaluated with all risk
factors (independent variables) included, regardless of the strength of association
between the individual risk factors and recidivism. As shown in Table 19, none of the
eleven risk factors were found to have a statistically significant relationship to recidivism
at the .05 level.
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Table 19
Variables in the Equation for Logistic Regression Model for Previous Risk Assessment
Instrument

Variable

Employment
Alcohol use/abuse
Drug use/abuse
Attitude
Age at 1st Conviction
Prior Supervision
Prior Revocation
Prior Conviction
Prior Robbery
Prior Violent Person
Prior Domestic Violence
Constant

B

S.E.

Wald

df

Sig.

Exp(B)

.498
.237
.535
.751
.752
.473
.039
.575
.000
-.481
.143
-1.800

.418
.500
.470
.858
.403
.545
.550
.504
.838
.982
1.377
.469

1.415
.225
1.296
.765
3.481
.754
.005
1.305
.000
.240
.011
14.712

1
1
1
1
1
1
1
1
1
1
1
1

.234
.635
.255
.382
.062
.385
.944
.253
1.000
.624
.917
.000

1.645
1.268
1.707
2.118
2.122
1.605
1.040
1.778
1.000
.618
1.154
.165

Note. All variables entered on step one. No variables were significant at p < .05.

Logistic Regression Analysis for New Risk Assessment Instrument
Logistic Regression Analysis was utilized in order to determine whether the new
risk assessment instrument was successful in classifying offenders and predicting
recidivism. In determining sample size for the logistic regression analysis, an a priori
power analysis was conducted utilizing α=.05 (significance criterion), power of .80
(β=.20), and an estimated medium effect size of .15. With seven independent variables
(risk factors) within the previous risk assessment instrument, this resulted in a power of
.80 and a sample size of n=103 (Cohen, 1992; Erdfelder & Buchner, 1996). Therefore,
using SPSS, a random sample of N=103 was taken from the base sample of N=180.

90
Table 20 depicts the predicted outcome of cases at the null model. At the null
model, it is predicted that every offender in the sample would not return to incarceration
within a three year period. That is, in every case it was predicted that the offender would
not recidivate. In this model, 62 cases were correctly predicted to be a non-event (no
recidivism), while 41 cases were incorrectly predicted to be an event (recidivism).
Therefore, the overall percentage correctly classified at the null model was 60.2%.
Table 20
Null Model Classification Table for New Risk Assessment Instrument.

Observed

Step 0

No return
Return

Predicted

% Correct

No return

Return

62
41

0
0

Overall %

100
0

60.2

Table 21 depicts whether the risk assessment instrument with all seven risk
factors entered into the model does a better job at predicting recidivism than that of
chance alone. This table shows an overall hit ratio of 69.9%. This is an increase of
predictive accuracy of 9.7% over the null model. In this model 48 cases were correctly
predicted (to not recidivate) and 14 cases incorrectly predicted for a percentage correct of
77.4%. Twenty-four cases were correctly predicted (to recidivate) and 17 cases
incorrectly predicted for a percentage correct of 58.5%.
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Table 21
Classification Table for New Risk Assessment Instrument.

Observed

Step 1

No return
Return
Overall %

Predicted

% Correct

No return

Return

48
17

14
24

77.4
58.5

69.9

The current model is an analysis of the existing risk assessment instrument
currently being utilized by the correctional agency. As such, it is important to evaluate
the predictive accuracy of the instrument as it is designed and utilized in the field.
Whereas a stepwise method of variable entry would enter only those variables with a
statistically significant relationship to recidivism, the enter method of variable selection
was utilized so that the overall predictive accuracy of the instrument may be evaluated
with all risk factors (independent variables) included, regardless of the strength of
association between the individual risk factors and recidivism. As shown in Table 22,
two of the seven risk factors were found to have a statistically significant relationship to
recidivism at the .05 level. They were prior conviction and active gang involvement.
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Table 22
Variables in the Equation for Logistic Regression Model for New Risk Assessment
Instrument.

Variable

Alcohol & drug use/abuse
Prior revocations
Prior convictions
Current offense
Active gang affiliation
Gender
Current age
Constant

B

S.E.

Wald

df

Sig.

Exp(B)

.451
1.406
.395
.336
1.308
.551
1.082
-2.841

.580
.608
.536
.518
.550
.813
.634
1.078

.604
5.342
.543
.420
5.645
.459
2.918
6.949

1
1
1
1
1
1
1
1

.437
.021*
.461
.517
.018*
.498
.088
.008

1.569
4.078
1.484
1.399
3.698
1.736
2.951
.058

Note. All variables entered on step one. * p < .05.

In the risk assessment context, classification errors may be of two varieties, false
positives and false negatives. False positives are cases that are predicted to recidivate,
but do not. False negatives are cases that are predicted to not recidivate, but do,
providing more detail on the predictive accuracy of the instrument. Table 23 illustrates
the rate of these errors within the study. Whereas the previous instrument had a false
positive rate of 20%, the new instruments rate of false positives increased slightly to
22.6%. The previous instrument yielded a false negative rate of 56.2% while the new
instruments rate of false negatives was reduced to 41.5%. These findings illustrate an
instrument that is better at predicting non-recidivists, than recidivists.
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Table 23
Predictive Accuracy of Risk Assessment Instruments in the Study

Model

% True
Positive

% False
Positive

% True
Negative

False
Negative

Overall %
Correct

Previous
Instrument

43.8

20

80

56.2

65.9

New
Instrument

58.5

22.6

77.4

41.5

69.9

Summary of Findings From Statistical Analysis of Risk Assessment Instruments
The current study found low to moderate levels of improvement in each area
evaluated. The newly implemented risk assessment instrument had a much improved
distribution of scores and more distinct differences in percentages of offenders in levels
of supervision within the sample than did the previous risk assessment instrument. While
the previous risk assessment instrument was found to be somewhat predictive, nearly
70% of all offenders in the sample were low risk, while less than 2% of offenders in the
sample were high risk. Aside from low levels of predictive accuracy, these results simply
do not ring true with officers in the field and this can lead to a lack of staff buy-in of the
usefulness of the instrument. However, findings from the new risk assessment instrument
revealed a distribution of risk level much more distinct with 10.6% of the sampled
population scoring low risk, 66.7% scoring medium risk, and 22.8% scoring high risk.
Much like the findings from the audit, the use of discretionary overrides was
found to be nearly non-existent within the sample. There was one discretionary override
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within the sample of offenders based upon the previous risk assessment instrument and
two discretionary overrides within the sample of offenders based upon the new risk
assessment instrument. This could be due to an unwillingness on the part of the
supervising officer to utilize them, fearing they are taking a risk themselves by overriding
an offender down a level of supervision. The officer could also be unwilling to
voluntarily increase their workload by overriding an offender up a level of supervision
which would increase the amount of contact required with that offender.
The difference in number of policy overrides between instruments is largely due
to the previous agency policy which mandated all electronic monitoring offenders be
overridden to the intensive level of supervision. This policy inflated the number of
intensive, or high risk offenders leading to very little distinction between final levels of
supervision (after overrides) among offenders. Supervision standards for electronic
monitoring offenders were set forth in a separate agency policy. These offenders were
supervised according to this policy regardless of risk assessment score. Therefore, when
the new instrument was implemented, this override requirement was deleted from the
policy. As a result, overrides were found to have a negligible effect on final level of
supervision.
Findings from the analysis of variance showed both instruments created distinct
differences in mean recidivism rates among sampled offenders per level of supervision.
However, the new risk assessment instrument was found to have greater distinctions of
mean recidivism rates between levels of supervision, which resulted in a stronger level of
significance. Additionally, the previous risk assessment yielded a 0% recidivism rate
among its highest risk offenders. Likewise, logistic regression analysis found both
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instruments to be predictive. The previous instrument was found to have an overall hit
ratio, or percent correctly classified of 65.9%, while the new instrument was found to
have correctly classified 69.9% of offenders. This is a four percent increase in predictive
accuracy with the new instrument. Classification tables show both logistic regression
models being able to more accurately predict non-recidivist than recidivist.
Audit of Newly Implemented Risk Assessment Instrument
Procedure
A final measure of performance consisted of an audit of a sample of 150 offenders
who had been assessed with the newly implemented risk assessment instrument. This
sample was provided by the agency’s Management Information Systems (MIS) division.
In order to ensure a full evaluation of each type of supervision, four separate random
samples were drawn representing probation, earned release supervision, parole, and the
Intensive Supervision Program. Nine cases were omitted from the final sample due to no
current risk assessment being on file, leaving a final sample of 141 cases to be audited
(N=141). While factors such as level of significance, effect size, and power are critical
to sample sizes for statistical models utilizing logistic regression, analysis of variance,
and other statistical techniques, the current audit will consist of only of frequency
distributions, number and percent of items scored correctly or incorrectly, and
crosstabulations. Because other sample sizes utilized in the current study are between
N=103 and N=180, a sample size of N=141 is adequate for purposes of auditing risk
assessment scoring.
The primary areas of interest were the distribution of scores, errors in scoring by
field staff, use of overrides, percentages of offenders by supervision category and
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incorrect final classifications of offenders. The researcher audited all offenders in the
sample utilizing the risk assessment audit. The data were then coded into an excel
spreadsheet which was imported into SPSS. The researcher examined each item on the
assessment for errors in scoring, overrides, and final risk category with scoring rules set
forth in agency policy as official scoring criteria.
Results
The distribution of risk score was examined. The measures of central tendency
for the distribution were a mean risk score of 7.1064, a median risk score of 7.0000, and a
mode of 5.00. The standard deviation was 3.80920. These results indicate an improved
distribution of scores over the previous risk assessment instrument.
Table 24 illustrates the overall distribution of individual risk scores of offenders
in the population (N=141) by frequency and percent of the total population. As can be
seen from the figure, the score of 5.00 (the mode) was the most frequently occurring
score within the population, having occurred 22 times. The median score of 7.000
occurred at a frequency of 20 times.
Table 24
Frequencies of Audit Risk Score

Score

.00

Frequency

Percent

Valid %

Cumulative %

2

1.4

1.4

1.4
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Table 24 (continued).

Score

Frequency

Percent

Valid %

Cumulative %

1.00

1
9
12
12
22
9
20
7

.7
6.4
8.5
8.5
15.6
6.4
14.2
5.0

.7
6.4
8.5
8.5
15.6
6.4
14.2
5.0

2.1
8.5
17.0
25.5
41.1
47.5
61.7
66.7

7
16
7
7
4
1
2
1
1
1
141

5.0
11.3
5.0
5.0
2.8
.7
1.4
.7
.7
.7
100.0

5.0
11.3
5.0
5.0
2.8
.7
1.4
.7
.7
.7
100.0

71.6
83.0
87.9
92.9
95.7
96.5
97.9
98.6
99.3
100.0

2.00
3.00
4.00
5.00
6.00
7.00
8.00
9.00
10.00
11.00
12.00
13.00
14.00
15.00
18.00
19.00
22.00
Total
Note. Range of scores: 0 to 22.

Figure 7 is a distribution of risk scores from the audit. This figure more clearly
illustrates the distribution being slightly positively skewed and leptokurtic. This is
indicated by fewer scores on the higher end of the scale and a slight concentration of
scores in the middle range of the distribution.
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Frequencies of Audit Risk Scores
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Figure 7. Frequency Distribution of Audit Risk Score.
Scoring Errors
Each item on the risk assessment instrument was examined for scoring errors by
field staff. A correct score was coded as “0” and an incorrect score, or error, was coded
as “1.” Types of supervision were coded in the following manner. Earned Release
Supervision (ERS) was coded as “1,” Intensive Supervision Program (ISP) was coded as
“2,’ Probation (PRO) was coded as “3,” and Parole (PAR) was coded as “4.” The
researcher examined each item on the assessment for errors in scoring, overrides, and
final risk category with scoring rules set forth in agency policy as official scoring criteria.
Type of Supervision
Table 25 illustrates that 92.2% of cases (n=130) were scored correctly while 7.8%
of cases (n=11) were scored incorrectly. As a result, nearly 8% of all cases audited were
scored in the incorrect category.
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Table 25
Scoring Errors in Type of Supervision

Level

.00
1.00
Total

Frequency

Percent

Valid %

Cumulative %

130
11
141

92.2
7.8
100.0

92.2
7.8
100.0

92.2
100.0

Alcohol and Drug
Table 26 illustrates that 80.1% of cases (n=113) were scored correctly while
19.9% of cases (n=28) were scored incorrectly. A nearly 20% error rate in this category
is likely due to the subjective nature of the item and possibly intentional underscoring.
Table 26
Scoring Errors in Alcohol and Drug

Level

.00
1.00
Total

Frequency

Percent

Valid %

Cumulative %

113
28
141

80.1
19.9
100.0

80.1
19.9
100.0

80.1
100.0

Prior Revocations
Table 27 illustrates that 88.7% of cases (n=125) were scored correctly while
11.3% of cases (n=16) were scored incorrectly. This error rate of approximately 11% is
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likely due to inexperienced field staff and lack of training in determining criminal
histories of offenders from agency records.
Table 27
Scoring Errors in Prior Revocations

Level

.00
1.00
Total

Frequency

Percent

Valid %

Cumulative %

125
16
141

88.7
11.3
100.0

88.7
11.3
100.0

88.7
100.0

Prior Conviction
Table 28 illustrates that 84.4% of cases (n=119) were scored correctly while
15.6% of cases (n=22) were scored incorrectly. This error rate of approximately 15.6% is
likely due to inexperienced field staff and lack of training in determining criminal
histories of offenders from agency records.
Table 28
Scoring Errors in Prior Convictions

Level

.00
1.00
Total

Frequency

Percent

Valid %

Cumulative %

119
22
141

84.4
15.6
100.0

84.4
15.6
100.0

84.4
100.0
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Current Offense
Table 29 illustrates that 89.4% of cases (n=126) were scored correctly while
10.6% of cases (n=15) were scored incorrectly. Staff inattention and lack of training are
likely causes of the 10.6% error rate in current offense. The agency’s caseload
management system prominently displays the current offense on the offender’s overview
page.
Table 29
Scoring Errors in Current Offense

Level

.00
1.00
Total

Frequency

Percent

Valid %

Cumulative %

126
15
141

89.4
10.6
100.0

89.4
10.6
100.0

89.4
100.0

Gang Affiliation
Table 30 illustrates that 95.7% of cases (n=135) were scored correctly while 4.3%
of cases (n=6) were scored incorrectly. While the error rate on this item is low at 4.3%,
this information is also contained within an available agency data base. Field staff should
make every effort to access this secondary data source for this information.
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Table 30
Scoring Errors in Gang Affiliation

Level

.00
1.00
Total

Frequency

Percent

Valid %

Cumulative %

135
6
141

95.7
4.3
100.0

95.7
4.3
100.0

95.7
100.0

Gender
Table 31 illustrates that 97.2% of all cases (n=137) were scored correctly while
2.8% of cases (n=4) were scored incorrectly. While carelessness and inattention are the
likely causes of this low rate of error, avoidable errors such as these can lead to an
offender being misclassified and inappropriately supervised.
Table 31
Scoring Errors in Gender

Level

.00
1.00
Total

Frequency

Percent

Valid %

Cumulative %

137
4
141

97.2
2.8
100.0

97.2
2.8
100.0

97.2
100.0

Current Age
Table 32 illustrates that 98.6% of cases (n=139) were correctly scored while 1.4%
of cases (n=2) were incorrectly scored. While carelessness and inattention are also the
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likely causes of this low rate of error, avoidable errors such as these can lead to an
offender being misclassified and inappropriately supervised.
Table 32
Scoring Errors in Current Age

Level

.00
1.00
Total

Frequency

Percent

Valid %

Cumulative %

139
2
141

98.6
1.4
100.0

98.6
1.4
100.0

98.6
100.0

Final Risk Error
Table 33 illustrates that 84.4% of cases (n=119) were scored correctly while
15.6% of cases (n=22) were scored incorrectly resulting in an incorrect final level of
supervision. These findings reveal that, while error rates on individual items may be low,
the cumulative effect can lead to much higher rates of overall classification error.
Table 33
Scoring Errors in Final Level of Supervision

Level

.00
1.00
Total

Frequency

Percent

Valid %

Cumulative %

119
22
141

84.4
15.6
100.0

84.4
15.6
100.0

84.4
100.0
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Level of Supervision
Table 34 and Figure 8 illustrate the frequency and percentages of offenders in
each risk category, or level of supervision. Low risk (coded as “1”) comprised 25.5% of
the sample (n=36), medium risk (coded as “2”) comprised 62.4% of the sample (n=88),
and high risk (coded as “3”) comprised 12.1% of the sample (n=17).
Table 34
Frequencies and Percentages of Offenders by Level of Supervision

Level

Frequency

Percent

Valid %

Cumulative %

1.00

36
88
17
141

25.5
62.4
12.1
100.0

25.5
62.4
12.1
100.0

25.5
87.9
100.0

2.00
3.00
Total

Note. Levels of supervision: 1= low risk; 2= medium risk; 3= high risk.
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Frequency of Level of Supervision

100
90
80

Frequency

70
60
50
40
30
20
10
0
1

2

3

Level of Supervision

Figure 8. Frequency Distribution of Level of Supervision for Audit.
Overrides
While the agency’s policy and training allows for up to 10% discretionary
overrides per caseload, and mandates a policy override on sex offenders, there were no
overrides of offenders by field staff within this sample. It should be noted that the
mandatory policy override on sex offenders requires that they must be supervised no
lower than at the medium level of supervision. Therefore, there could have been sex
offenders in the sample who scored at least medium on their raw score. This would
negate the need for an override in these cases. As a result, there were no differences
between initial risk category and final risk category.
Crosstabulations
Table 35 illustrates that a crosstabulation of errors in type of supervision and
status indicate that probation was slightly more likely to be assessed in the incorrect
category than ISP, ERS and parole. This is likely due to the fact that offenders to be
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assessed as “probation” could be probation, post-release supervision or ISP-Court status
as the definition for this criteria is any offender sentenced directly to supervision directly
from the court.
Table 35
Crosstabulation of Errors in Type of Supervision and Status

Score

00

1.00

Total

Count
% within
Type
% within
Status
% of Total
Count
% within
Type
% within
Status
% of Total
Count
% within
Type
% within
Status
% of Total

ERS

ISP

PRO

PAR

Total

35
26.9%

34
26.2%

27
20.8%

34
26.2%

130
100.0%

92.1%

94.4%

84.4%

97.1%

92.2%

24.8%
3
27.3%

24.1%
2
18.2%

19.1%
5
45.5%

24.1%
1
9.1%

92.2%
11
100.0%

7.9%

5.6%

15.6%

2.9%

7.8%

2.1%
38
27.0%

1.4%
36
25.5%

3.5%
32
22.7%

.7%
35
24.8%

7.8%
141
100.0%

100.0%

100.0%

100.0%

100.0%

100.0%

27.0%

25.5%

22.7%

24.8%

100.0%

Note. ERS=Earned Release Supervision; ISP=Intensive Supervision Program;
error; 1.00 = error.

PRO=Probation; PAR=Parole. Score: .00 = no

Table 36 illustrates that a crosstabulation of final risk error and status indicate
that ERS and Parole are slightly more likely to have a final error in risk level than
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Probation or ISP. This is likely due to the increased difficulty in determining criminal
histories such as well as the underscoring of the alcohol and drug risk item.
Table 36
Crosstabulation of Final Risk Error and Status

Score

00

1.00

Total

Count
% within
Fin_risk_E
% within
Status
% of Total
Count
% within
Fin_risk_E
% within
Status
% of Total
Count
% within
Fin_risk_E
% within
Status
% of Total

ERS

ISP

PRO

PAR

Total

29
24.4%

33
27.7%

29
24.4%

28
23.5%

119
100.0%

76.3%

91.7%

90.6%

80.0%

84.4%

20.6%
9
40.9%

23.4%
3
13.6%

20.6%
3
13.6%

19.9%
7
31.8%

84.4%
22
100.0%

23.7%

8.3%

9.4%

20.0%

15.6%

6.4%
38
27.0%

2.1%
36
25.5%

2.1%
32
22.7%

5.0%
35
24.8%

15.6%
141
100.0%

100.0%

100.0%

100.0%

100.0%

100.0%

27.0%

25.5%

22.7%

24.8%

100.0%

Note. ERS=Earned Release Supervision; ISP=Intensive Supervision Program; PRO=Probation; PAR=Parole. Score: .00 = no error;
1.00 = error.

Table 37 illustrates a crosstabulation of final risk category and status. The results
indicate that in the aggregate, ERS offenders score highest among the four types of
supervision with 84.2% scoring medium or high risk.

108
Table 37
Crosstabulation of Final Risk Category and Status

Score

1.00

2.00

3.00

Total

ERS

ISP

PRO

PAR

Total

Count
% within
Final risk
% within
Status
% of Total
Count
% within
Fin_risk
% within
Status
% of Total
Count
% within
Fin_risk
% within
Status
% of Total
Count
% within
Fin_risk

6
16.7%

12
33.3%

9
25.0%

9
25.0%

36
100.0%

15.8%

33.3%

28.1%

25.7%

25.5%

4.3%
23
26.1%

8.5%
19
21.6%

6.4%
22
25.0%

6.4%
24
27.3%

25.5%
88
100.0%

60.5%

52.8%

68.8%

68.6%

62.4%

16.3%
9
52.9%

13.5%
5
29.4%

15.6%
1
5.9%

17.0%
2
11.8%

62.4%
17
100.0%

23.7%

13.9%

3.1%

5.7%

12.1%

6.4%
38
27.0%

3.5%
36
25.5%

.7%
32
22.7%

1.4%
35
24.8%

12.1%
141
100.0%

% within
Status
% of Total

100.0%

100.0%

100.0%

100.0%

100.0%

27.0%

25.5%

22.7%

24.8%

100.0%

Note. ERS=Earned Release Supervision; ISP=Intensive Supervision Program; PRO=Probation; PAR=Parole. Final risk: 1.00 = low;
2.00 = medium; 3.00 = high.

Summary of Findings From Audit
The audit revealed a much improved distribution of scores and resulting
classification of offenders over the previous risk assessment instrument while also
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consistent with the validation sample. Results of the previous risk assessment instrument
resulted in approximately 73% of offenders being classified as low risk with nearly 25%
classified as medium and the remaining 2% classified as high risk. The audit sample
resulted in 25.5% of the sample classified as low risk, 62.4% classified as medium risk
and 12.1% classified as high risk. These audit results are much more consistent with the
results of the validation sample, which consisted of 22% low risk, 60% medium risk and
18% high risk.
Other findings from the audit reveal three primary areas of concern to be
addressed by the agency. First, selection of type of supervision needs to be improved.
There were eleven errors in selection of this category. This selection is crucial because
once this error is made, the remainder of the instrument will be scored incorrectly due to
differing statistical weights of the risk items. This could result in an incorrect final level
of supervision even if the selections are accurate. For example, an offender incorrectly
assessed as “post-incarceration” would receive a score of “0” for “frequent abuse” on the
alcohol and drug risk item. If assessed correctly as “probation”, the same offender would
receive a score of “3” for “frequent abuse.” This difference of three points could cause
the offender to be incorrectly classified resulting in ineffective supervision strategies.
Secondly, risk item “alcohol and drugs” has an error rate of nearly 20% with 28
cases being scored incorrectly. While it cannot be determined by the results of this audit
as to why this is the case, lack of necessary information and the need for more training
are possible causes. It should be noted that many of the audited cases revealed the
necessary information to score the offender correctly, i.e., “occasional use” or “frequent
abuse.” However, field staff many times overlooked this information and scored the
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offender “no interference.” This leads the auditor to believe that due to the subjective
nature of the item, some field staff may be intentionally underscoring the item to
manipulate their workload.
A final area to be addressed is inattention and carelessness of field staff. This can
be seen in scoring errors on risk items such as gender and current age. While error rates
in these categories were extremely low, greater attention to detail will eliminate
unnecessary errors which could result in misclassification.
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CHAPTER V
DISCUSSION AND CONCLUSION
Summary of Findings
The purpose of the present study is to evaluate whether a southern state’s
department of corrections was successful in implementing a new actuarial risk
assessment instrument within its division of community corrections. This was
determined by evaluating the level of adherence to nationally accepted standards and
practices regarding the implementation and validation of risk assessment instruments,
supported by a statistical analysis of both the previous risk assessment instrument and the
new instrument. The literature revealed four critical components to effective risk
assessment practices within an agency. They are selection of the instrument, validation
of the instrument on the offender population on which it will be administered,
implementation of the instrument within the agency, and quality assurance measures.
After a review of the process undertaken by the agency, it appears as though these
four components were very closely followed. All important factors were taken into
consideration when making the decision to revise the existing risk assessment instrument
rather than simply adopting an instrument from another agency or purchase a
commercially available instrument. The agency then contracted with an external
consultant to conduct the validation component so that the instrument could be designed
specifically for the agency in order to maximize predictive accuracy and effectiveness.
Third, the agency developed and executed an implementation plan and a graduated
implementation of the new instrument into practice. Since implementation, the agency
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has completed an initial audit and an initial inter-rater reliability study as part of the
agency’s on-going quality assurance measures.
In order to establish reliability, separate inter-rater reliability studies were
completed on each risk assessment instrument. The results of the first inter-rater
reliability study found very poor levels of agreement in scoring among staff. Only four
of the eleven risk items meet the necessary 80% agreement level, with two in the 90%
range (prior robbery and prior domestic violence) and two in the 80% range (age at 1st
arrest and prior periods of supervision). Prior revocations, which should be relatively
easy to determine from agency records, had an agreement level of only 43%.
Interestingly, alcohol use/abuse had an agreement level of 67%, while drug use/abuse had
an agreement level of 47%. These two items have essentially the same scoring criteria
within the same domain of substance abuse. Additionally, the average error for the
overall risk score was 2.93 points. This means that on average, there was a difference of
nearly three points between the risk score of record and the audit score.
The results of the second inter-rater reliability study show marked improvement
overall. All but one of the seven items reached at least the 80% agreement level with
“number of prior convictions” reaching only a 73% level of agreement. As with the
previous study, items that are subjective in nature tended to have lower levels of interrater agreement. This can be seen in item number one, alcohol and drug usage. Other
than prior convictions, this item consisted of the lowest rate of agreement among staff at
81%. The average error for the overall risk score was much improved as well, with a
final average error of 1.68. Therefore, on average, there was a difference of less than two
points between the final risk score of record and the audit score. While there was
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improvement in the inter-rater reliability between the previous instrument and the new
instrument, there is still room for improvement.
The newly implemented risk assessment instrument had a much improved
distribution of scores and more distinct differences in levels of supervision within the
sample than did the previous risk assessment instrument. While the previous risk
assessment instrument was found to be predictive, low levels of predictive accuracy and a
large number of offenders being scored in the low risk categories led to a lack of staff
buy-in of the usefulness of the instrument. However, findings from the new risk
assessment instrument revealed a distribution of risk level much more distinct with
10.6% of the sampled population scoring low risk, 66.7% scoring medium risk, and
22.8% scoring high risk. It is hoped that these results will result in increased confidence
in the instrument among users.
The use of discretionary overrides was found to be nearly non-existent within the
sample. The difference in number of policy overrides between instruments is largely due
to the previous agency policy, which mandated all electronic monitoring offenders be
overridden to the intensive level of supervision. When the new instrument was
implemented, the previous override requirement was deleted from the policy. In the end,
overrides were found to have a negligible effect on final level of supervision.
Findings from the analysis of variance showed both instruments creating distinct
differences in mean recidivism rates among sampled offenders per level of supervision.
However, the new risk assessment instrument was found to have greater distinctions of
mean recidivism rates between levels of supervision resulting in a stronger level of
significance. Additionally, the previous risk assessment yielded a 0% recidivism rate
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among its highest risk offenders. This category of offenders should have the highest rate
of recidivism of any group.
Likewise, logistic regression analysis found both instruments to be somewhat
predictive. The previous instrument was found to have an overall hit ratio, or percent
correctly classified of 65.9% while the new instrument was found to have correctly
classified 69.9% of offenders. This is a four percent increase in predictive accuracy with
the new instrument. Classification tables show both logistic regression models being able
to more accurately predict non-recidivist than recidivist.
The audit, which was part of the agency’s quality assurance plan, revealed a
much improved distribution of scores and resulting classification of offenders over the
previous risk assessment instrument while also consistent with the validation sample.
Results of the previous risk assessment instrument resulted in approximately 73% of
offenders being classified as low risk with nearly 25% classified as medium and the
remaining 2% classified as high risk. This compared to 25.5% of the audit sample
classified as low risk, 62.4% classified as medium risk, and 12.1% classified as high risk.
Other findings from the audit reveal three primary areas of concern to be
addressed by the agency. First, selection of type of supervision needs to be improved.
Secondly, risk item “alcohol and drugs” has a high error rate as well. The subjective
nature of the item may be allowing some field staff to be intentionally underscoring the
item to manipulate their workload. A final area to be addressed is inattention and
carelessness of field staff. This can be seen in scoring errors on risk items such as gender
and current age. While error rates in these categories were extremely low, greater
attention to detail will eliminate unnecessary errors.
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Implications
Policy evaluation in criminal justice is the manner by which it is determined if
public policies, and the resulting practices, ultimately accomplish what they have been
designed to accomplish (Mears, 2010). As defined by Rossi, Lipsey, & Freeman (2004),
policy evaluation is “the use of social research methods to systematically investigate the
effectiveness of social intervention programs in ways that are adapted to their political
and organizational environments and are designed to inform social action to improve
social conditions” (p. 16). In other words, it is a means to hold criminal justice policy
accountable and to increase its effectiveness (Mears, 2010). Specifically, the goal of an
implementation evaluation is to determine whether a policy and its implementation
delivered the appropriate program or services in a quality manner (Mears, 2010).
Until recently, the field of corrections has been largely void of empirical research
that identified proven methods of reducing offender recidivism, otherwise known as
evidence-based practices (Bogue, 2004). In the social sciences, this term has come to
suggest that policy must be formed by sound empirical evidence documenting some
causal connection between the policy and the intended outcome (Austin, 2006).
The current study is important because it attempts to do just that. That is,
empirically demonstrate that the implementation process undertaken by the agency was
successful and did in fact deliver the targeted program in a quality manner as suggested
by Mears (2010). The ability of an agency to empirically support its policies and
practices has far reaching implications. Improved practices and the resulting reductions
in offender recidivism rates, increasing staff buy-in of programs and practices, and legal
defense in court are all important outcomes of effective policy evaluation and should not
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be overlooked by agency administrators. As a result, it is imperative that agency
administrators enact sound, effective and defensible policies. This will allow criminal
justice agencies to be successful not only in their practices. It will also allow agency
administrators to be successful in defending their agency’s actions in courts of law when
litigation arises.
When an agency is tasked with the custody and supervision of thousands of
criminal offenders, it is certain that policies and practices will be the impetus for legal
challenges. By rooting its policies and procedures in evidence-based practices,
administrators may be confident that they are providing sound public policy and that
these policies and procedures will withstand strict legal review. Unforeseen events which
result in bad public relations are inevitable. This confidence should allow administrators
to let their policies work without succumbing to the temptation of overreacting as a
result.
In order to provide appropriate levels of supervision and services to offenders as
well as adhere to the principles of effective correctional interventions (evidence-based
practices), the first step in the process is the utilization of an accurate, validated risk
assessment instrument. While the study agency’s existing risk assessment was validated
on another states offender population, it had not been validated on their own offender
population.
As a result of this lack of external validity, as well as other issues such as relevant
risk factors, lack of formal training, and staff buy-in, the agency’s previous assessment
instrument failed to perform as necessary.

These circumstances resulted in a risk

assessment instrument that underscored the offender population as a whole. If field staff
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were to supervise offenders according to standards set forth in the agency’s policy during
the time that the prior risk assessment was being utilized, staff would be under
supervising a sizeable percentage of offenders assigned to them which would have
significant implications for legal liability, public safety, case management and treatment
considerations.
As the agency moves towards implementing evidence-based-practices, risk
assessment becomes the critical first step in this process. It is indeed the “cornerstone”
for effective community supervision and serves as the foundation for everything that
follows within an evidence-based framework (VanBenschoten, 2006). Based on this
assessment of risk, offenders are placed into a specific level of supervision that dictates
the supervision standards and amount of officer to offender contact through office visits,
home visits and collateral contacts (Byrne, 2006). Latessa and Lovins (2010) argue that
the importance of utilizing valid and reliable risk assessment instruments cannot be
emphasized enough because it is the “engine that drives effective intervention” (p. 204).
The results of this study demonstrate that the agency effectively implemented a
validated risk assessment instrument within its field services, accurately and effectively
classifying offenders into discrete levels of supervision. These findings allow the agency
to move forward with the important task of implementing effective supervision strategies
such as differential supervision of offenders and treatment referrals based on the
offender’s risk of re-offending. This can allow staff the opportunity to focus their time
and resources on moderate to high risk offenders. The results also demonstrate that
agency administrators may consider broader use of workload formulas for field staff
based on supervision standards of offenders by level of supervision.
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As noted in Chapter II, the process of developing an implementation plan and
carrying it out is one thing. It is quite another to do so while managing the myriad of
issues such as organizational culture, organizational change and politics, that can serve to
derail this important task (Schlager, 2009). One significant issue that has been identified
in the literature as a hindrance to organizational change is an overall lack of
professionalism within community corrections (Latessa et al., 2002; Schlager, 2009).
Practitioners would rather use common sense decision making rather than rely on the
growing body of research that now exists. In other words, this reliance upon the status
quo significantly diminishes the ability of community corrections to move forward and
continue making organizational improvements that will enhance its ability to make
meaningful systematic changes (Flores & Russell, 2006; Latessa et al., 2002; Schlager,
2009).
The agency has seen anecdotal evidence of increased staff buy-in of the process.
However, culture change within an organization is a slow process (Schlager, 2009).
Many community corrections agencies hire individuals with backgrounds in areas such as
policing and the military. These new employees bring with them values and beliefs that
may create buy-in issues regarding key practices within their new organization.
Therefore, the agency must be determined to continue moving forward and continue to
reinforce officer’s attitudes and perceptions of the risk assessment process. This may be
accomplished through continued training of field staff in the theory and use of the
agency’s risk assessment instrument, as well as periodic auditing of field staff’s scoring
of the instrument. “What gets measured, gets done”, and what is emphasized by the
administration is what field staff will recognize as important. Agency administrators
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must take great care to not allow themselves to believe that, once implemented, the work
is over. Indeed, implementation is the first step in an on-going, never ending process.
Limitations
There are two primary limitations of the current study. First, this is a relatively
small scale study (N=180) using a single data source consisting of secondary data. That
is, results of officer scored risk assessment instruments to measure the relationship
between risk factors included on each risk assessment instrument and recidivism. This is
in contrast to the validation study conducted on the agency’s new risk assessment which
consisted of a sample of N=8,603 offenders, or all community supervision admissions for
2006. Additionally, the validation study utilized multiple data sources to measure
potential risk factors within the offender population such as alcohol and drug treatment
programs, educational/vocational programs, and mental illness.
Secondly, the accuracy of the prediction data is an issue. Through the current
study, it has been shown that subjective items are typically underscored. Low rates of
inter-rater agreement were also found, particularly with the previous risk assessment
instrument. This affects the overall predictive accuracy of the instrument. Other factors
such as officer’s opinion and biases and poorly recorded information are factors that
reduce the reliability of the data and are common concerns within community corrections
(Holsinger et al. 2001; Wilkins, 1980).
Future Research
Unfortunately, there is a paucity of literature regarding the implementation of risk
assessment instruments in community corrections. Perhaps this could be due to a lack of
awareness regarding the critical nature of this implementation to the overall success of
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the agency involved. If not implemented properly, even the best risk assessment
instruments will fail to perform as needed (Schlager, 2009). While there is a substantial
amount of work found on the validity and reliability of risk assessment instruments, much
more work needs to be done in evaluating the linkage between the implementation
process and the reliability and validity of these instruments.
Another area lacking in the literature is the study of the relationship between the
predictive accuracy of researcher developed and validated instruments and the predictive
accuracy of these instruments in a real world setting. As noted in the current study,
reliability issues that are the result of subjective items, poor inter-rater agreement, and
intentional underscoring to manage workload affect the validity of the instrument. More
work is needed in determining to what extent these factors affect differences in predictive
accuracy between researcher led validation studies and real world applications.
The results of the current study reveal four critical components of a model
implementation process, as well as point to a successful implementation of the agency’s
new risk assessment instrument while providing important information regarding areas in
need of continued improvement. The study also illustrates the importance of empirical
research in evaluating public policy. In an era where correctional agencies are learning to
do more with less, policies must bring forth stronger results with greater efficiency.
These policies must be grounded in empirical, defensible theory and knowledge in order
to withstand the increasing scrutiny that is brought forth by stakeholders, legislative
bodies, plaintiffs’ attorneys and the public at large who have ultimate oversight of these
agencies.
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Conclusion
While the present study has identified improvements in the risk assessment
practices of the agency as a result of this implementation, work remains to be done. The
good news is that the foundation has been laid for effective risk assessment practices
within the agency. The bulk of the remaining work is in the areas of staff training and
continuing to increase inter-rater reliability of the instrument. These can be largely
addressed through the quality assurance plan that has been set in place by the agency.
These two areas are also inextricably linked to the necessary organizational culture
change that must continue to take place within the agency. Organizational change is
often a slow, tedious process. Through the agency’s continued commitment to sound risk
assessment practices, staff will continue to buy-in to the process and continue to improve
their individual skills and proficiency utilizing the instrument. This in turn will continue
to increase the inter-rater reliability of the instrument and subsequently, overall predictive
accuracy and efficacy of the instrument.
It is important to remember that although evidence-based practice is essentially a
risk-based endeavor, the use of an actuarial risk assessment instrument is just the
beginning of the evidence-based process and must be used within the proper context and
application. Actuarial risk assessment instruments are not designed to predict individual
human behavior (Austin, 2004). Rather, these instruments are designed to classify
individual offenders into discrete groups of offenders based upon their likelihood of reoffending. Not on the certainty of re-offending.
It is this lack of certainty that require some to question the usefulness of actuarial
risk assessment. For example, Hannah-Moffat (2010) and Kleiman, Ostrom, and
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Cheesman (2007) question the use of actuarial risk assessment within the context of the
sentencing of offenders. It is feared that offenders are unfairly being punished for crimes
they have not yet committed simply because of how close they approximate “subgroups
of an offender population” (Hannah-Moffat, 2010, p.11). Critics also argue that risk
assessment instruments “individualize social problems” such as racial discrimination,
even to the point of arguing that the risk variable criminal history is nothing more than a
proxy for being black (Hannah-Moffat, 2010; Harcourt, 2010).
Though some of the concerns raised by Hannah-Moffat and Harcourt may have
some validity, particularly in the context of sentencing, there is evidence to show that the
predictive accuracy of properly validated actuarial risk assessment instruments generalize
across race, gender and age (Skeem, under review). Furthermore, we should take great
care to not allow questions regarding the use of actuarial risk assessment instruments in
specific criminal justice contexts such as sentencing, violence prediction, and sex
offender risk assessment diminish our use of these instruments for general classification
of offenders in more traditional community corrections settings.
While critics question the labeling of offenders in categories such as “high risk” at
the onset of supervision, it is important to note that the initial assessment is followed by
procedures such as overrides and periodic re-assessments. These procedures allow for
the system to correct misclassification of offenders, preventing them from being harmed
from this misclassification and resulting levels of supervision. Overrides allow officers
to utilize professional discretion regarding aggravating factors such as severity of offense
and active gang affiliation as well as mitigating factors such as age and medical
impairments. Based on these mitigating and aggravating factors, field staff are able to
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move offenders up or down a level of supervision if the officer determines that the risk
score is not indicative of their current level of risk.
Likewise, re-assessments of risk are commonly utilized within community
corrections supervision, generally at six month intervals. These re-assessments allow
field staff to monitor the offender’s compliance with the terms and conditions of
supervision. This will enable the offender to move downward to less restrictive levels of
supervision, or upward to more restrictive levels of supervision depending upon their
level of compliance or non-compliance. For example, an offender who scores “high
risk” at initial intake may move to a lower level of supervision if the offender complies
with the terms and conditions of supervision. Conversely, another offender who scores
“medium risk” at initial intake may move to a higher level of supervision if they do not
comply with the terms of their release. Typical examples of this behavior are positive
drug screens, non-reporting and/or non-payment of fines and restitution.
It has been noted by Baird (2009) and Skeem & Eno Louden (2007) that
increasingly complex risk assessment instruments are being sold and utilized by
community corrections agencies across the United States. Without highly trained,
professional staff whose primary responsibility is to administer these particular risk
assessment instruments, it would be very difficult to achieve the necessary levels of
proficiency and resulting inter-rater reliability with these instruments. Additionally,
many of these commercially available instruments are validated on large national
offender samples rather than the specific offender population being served. This further
diminishes the predictive accuracy of the instrument within that specific context.
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Indeed, the present study found that even with a short, seven item actuarial risk
assessment instrument validated on the agency’s specific offender population, reaching
the necessary levels of staff proficiency and inter-rater reliability can be difficult.
Maximizing reliability and validity of the instrument requires on-going quality assurance
measures, training, and commitment from the agency. It is doubtful then, that simply
purchasing on off the shelf instrument and training staff on its use will achieve the
intended results.
Finally, agencies must be willing to take the next step within an evidence-based
framework. That is, utilize the information attained from these actuarial risk assessment
instruments to inform practice. Too often, agencies go to great trouble in selecting,
validating and implementing an actuarial risk assessment instrument, then fail to take
advantage of the real substance of evidence-based practices (Skeem, under review).
Differential supervision of offenders, program selection and treatment placement based
on level of risk are all fundamental aspects of evidence-based practices and must be fully
integrated into an agency’s policies and practices to achieve the ultimate goal of reducing
recidivism among offenders. While risk assessment alone will not accomplish this
important goal, proper implementation is critical to its outcome.

125
APPENDIX A
RISK ASSESSMENT AUDIT FORM

Offender ID: _________
Type: Court _______

Post-Incarceration ______

Error ______

Item #1: Alcohol and Drug Use

Record
______

Audit
______

Error
______

Item #2: Number of Prior Revocations

______

______

______

Item #3: Number of Prior Convictions

______

______

______

Item #4: Current Offense

______

______

______

Item #5: Active Gang Affiliation

______

______

______

Item #6: Gender

______

______

______

Item #7: Current Age

______

______

______

Total Score: ______
Risk Category: ______
Override: ______
Policy ______
Discretionary ______
Final Risk Category: ______
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APPENDIX B
PREVIOUS RISK ASSESSMENT INSTRUMENT

Scoring Items
Q1

Q2

Q3

Q4

Q5

Q6

Q7

Q8

Q9

Q10

Q11

Employment Status
Full
Unemployed or part time
Alcohol Usage Problem
No interference
Occasional abuse
Frequent abuse
Drug Usage Problem
No interference
Occasional abuse
Frequent abuse
Attitude
Motivated to change
Dependent of unwilling to accept
Rationalizes behavior
Age at first conviction
23 or younger
24-27
28 or older
Number of prior supervisions
None
One or more
Prior revocations
None
One
Two or more
Number of Prior Felony convictions
None
One
Two or more
Prior convictions for robbery
No
Yes
Prior violent Person or Property offense
No
Yes
Prior Domestic Violent Offense

Current
Weight
0
3
0
1
2
0
1
2
0
1
2
2
0
-1
0
2
-1
0
2
0
1
2
0
2
0
2
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No
Yes

0
2
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APPENDIX C
NEW RISK ASSESSMENT INSTRUMENT
Weights
PostProbation
Incarceration
1 Alcohol and Drug Usage Problem
No interference
Occasional abuse
Frequent abuse
2 Number of prior revocations
None
One
Two or more
3 Number of prior convictions
None
One
Two+
4 Current offense
Robbery, Burglary, Larceny
Other
5 Active Gang Affiliation
No
Yes
6 Gender
Female
Male
7 Current Age
19 or younger
20 to 39
40 or older
Risk Categories
Low
Medium
High

0
2
3

0
0
0

0
5
7

0
2
7

0
1
2

0
1
2

2
0

3
0

0
4

0
3

0
2

0
3

6
3
0

8
4
0

0-4
5 - 11
12 +

0-4
5 - 11
12 +
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